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Abstract

What determines the significance of support among high-income individuals for
progressive taxation? Similarly, why do a significant number of low income individu-
als oppose progressive taxation? For the last decade, the rich’s support for and the
poor’s opposition to redistributive policies have been the focus of intense research in
political economy. These studies identify various mechanisms concerning the formation
of individual preferences for redistributive policies. Yet, no parsimonious explanation
has emerged from this extensive theoretical and empirical discussion. Most accounts
assume, incorrectly, that individuals use factual information about income inequality
to calculate the expected benefits and losses from prospective taxation policies. This
paper challenges that basic assumption. It suggests that in making decisions about tax-
ation policies, individuals often rely on misperceptions of income distribution, income
inequality and their standing in the economy; they do not use factual information.
With a randomized survey experiment, we show that these perceptions can be affected
by presentation of correct information.
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I Introduction

The difference in the levels of material well-being across various income groups is critical

for both normative and empirical research on inequality, as well as redistribution in political

science. In particular, the distance between an individual’s income and the average income

of various income groups in the economy plays a central role in determining the level of

support for redistributive policies in the canonical models of political economy (Meltzer and

Richard, 1981). The affluence of the high-income group relative to the low-income group is

especially important in shaping preferences for progressive taxation (Lu and Scheve, 2015;

Ballard-Rosa et. al., 2015). However, empirical investigations of preferences over redistribu-

tive policies have reported that relative income and attitudes towards progressive taxation

are closely linked for some individuals, while not quite connected for others. Building on

the evidence from the literature on information and political behavior, which suggests that

citizens often have very poor knowledge about income groups, we analyze the relationship

between low levels of economic information and its effects on preferences for progressive tax-

ation. We claim that economic illiteracy of the citizens induces divergence from the optimal

behavior prescribed by the canonical models of political economy of redistribution.

Since Rubinstein’s classic study on bounded rationality, behavioral economists have realized

that the acquisition of information is not a cost-free operation (Rubinstein, 1998). Rubin-

stein claims there are opportunity costs associated with acquiring and storing information

since cognitive ability is limited and memory is not unbounded. Additionally, individuals

obtain much of their information through communication with others, a process that is costly

itself (Rubinstein,1998). As Downs observed in his famous work An Economic Theory of

Democracy, “it is irrational to be politically well-informed because the low return from data

simply do no justify their cost in time and other resources (Downs, 1957).” Yet, most of the
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recent studies on redistributive preferences assume that all of the individuals in a society are

either equipped with the cognitive skills necessary to acquire and store information about the

level of income inequality or the ability to deduce that information and their own economic

standing from realized economic and redistributive equilibrium. This assumption leads to

the expectation that individuals use factual information about income inequality to calculate

the expected benefits and losses from prospective taxation policies. In line with Rubinstein’s

arguments, a small but growing literature has carefully demonstrated that individuals know

little about income inequality and where they are located on the income distribution. These

studies presented evidence that citizens have misperceptions about the shape of the income

distribution (Gimpelson and Treisman, 2015), the level of inequality (Gimpelson and Treis-

man, 2015; Norton and Ariely, 2011), and their perceived income decile (Cruces et. al., 2013).

This expanding literature offers ample evidence that misperceptions and misinformation

play an important role in how individuals assess the state of the economy. These findings in-

vite many important questions. First, we know little about why individuals lack information

on salient economic issues, such as inequality and income distribution. What are the mecha-

nisms that cause illiteracy even on very salient political and economic issues? Second, given

that individuals in democracies must decide about redistributive policies that have direct

consequences for them, what kind of “informational shortcuts” (Lupia, 1994) do they use

to overcome these informational barriers? Finally, how do the pertinent misperceptions and

informational shortcuts affect the demand for redistribution? Gaining a better understand-

ing of the effects of misperceptions on redistributive demands is imperative in the presence

of widespread and systematic biases affecting individual choices, as well as democratically

chosen policies (Gimpelson and Treisman, 2015).

Given these puzzles, our study makes several contributions. First, we draw upon an original
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survey that is designed to provide rigorous evidence of respondents’ perceptions of differ-

ent income groups and self-categorization. The survey collects information on how much

the respondents think the annual income is of an American household classified within the

richest 10th percentile. We also collect information on what respondents think an average

low-income and high-income American household earns annually. Finally, we ask the respon-

dents to report the poverty threshold. We find evidence that most of the respondents wildly

misperceive the income thresholds that draw the lines between income groups. This finding

has far reaching theoretical and empirical implications for the literature on redistributive

preferences.

The existence of a lack of information on income groups leads to the theoretical necessity

of integrating economic perceptions into models of redistributive preferences. Additionally,

the respondents’ failure to predict the typical income threshold for the high and low-income

individuals shows that the design of the extensively used survey questions is prone to create

measurement errors. For instance, when an individual is asked the question ”Do you think

people with high incomes should pay a larger share of their income in taxes than those with

low incomes, the same share, or a smaller share?” (ISSP Social Inequality Survey, 2009),

progressivity of her tax preferences are unidentifiable, since the crucial information of where

the particular individual draws the line between “high” and “low” incomes is ambigious.

Neither, in this case, can we assign causal interpretation to the association between the re-

spondent’s income and the level of support for progressive taxation. Simply put, having no

information on who respondents define as “low income” and“high income”, it is impossible

to identify if the individual agrees to progressive taxation because she is altruistic, or be-

cause she thinks that she will have redistributive benefits from such a policy as a result of

her reference group of “people with high incomes” is significantly richer than her.
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Our second contribution is to shed new light on the mechanisms through which the in-

dividuals form perceptions about income inequality and income distribution. We offer a

synthesis between two largely disconnected literatures - one on political information, the

other on preferences over redistributive policies- by introducing a model of misperceptions

and demand for progressive taxation. Our explanation for the emergence of misperceptions

links the effects of social comparison and the use of cognitive heuristics to describe the mech-

anisms by which the individual apperceives the state of the economy. We also show how

misperceptions of different direction and magnitude result in distinct levels of redistributive

demands by the individuals.

Finally, we show that supplying information may have significant effects on correcting mis-

perceptions and assessments of income inequality. Following the questions about income

group thresholds in our survey, information pertaining to these thresholds is shown to re-

spondents who are randomly selected. The results from the survey experiment illustrate

that the assessment of inequality and preferences over progressive taxation can be altered

by information provision as a treatment. This finding suggests that, when the information

is not costly to acquire, individuals can use factual information about the economy to form

redistributive preferences instead of relying on their misperceptions.

The rest of this paper is organized as follows. First, we review the existing evidence on

misperceptions of income inequality. Second, we propose a mechanism by which individ-

uals acquire and process information about the society to form perceptions about income

distribution and inequality. Thereafter, we show how misperceptions have an effect on the

redistributive policy choices in a progressive setting where taxes are multidimensional. Then

we outline our experimental approach and present empirical results. Finally, we summarize

our findings in the conclusion.
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II Misperceptions of Income Inequality

The canonical model of the political economy of redistributive policies, formulated by Meltzer

and Richard, posits that an individual’s economic position determines her level of support for

redistribution. A natural interpretation of this model would predict greater support for redis-

tributive policies in more unequal democracies (Meltzer and Richard, 1981). However, many

recent studies in the literature ascertain that the Meltzer-Richard prediction does not hold

in cross-national comparisons: democracies with more inequality tend to engage in less redis-

tribution (Lupu and Pontusson, 2011). Moreover, this materialist view of preferences would

predict that high-income individuals would oppose progressive taxation whereas low-income

individuals would strongly support such social policies. Surprisingly, there is ample evidence

that shows there is strong support for progressive taxation among the high-income individ-

uals that cannot be explained only by material self-interest. Additionally, the evidence also

suggests that some low-income individuals opposes the rich paying a higher portion of their

income in taxes (ISSP Social Inequality Survey, 2009). This puzzling divergence between

the theory and empirical evidence requires a deeper investigation of the micro mechanisms

that govern individual preferences over redistributive policies.

The recent growth of theoretical and empirical scholarship on the preferences over redis-

tribution has undertaken this exercise. Taking the Meltzer-Richard model as the point of

departure, these studies offer alternative explanations for the variation in individuals’ level

support for redistributive policies that cannot be solely explained by income. Scholars,

claiming that the canonical model has serious limitations on both the demand and sup-

ply sides, have incorporated additional assumptions that spell out individual motives for

demanding redistribution that complements the material outcome considerations (McCarty

and Pontusson, 2009). Most such work explains the divergence of individual behavior from
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the predictions of the standard model using one of the three different approaches.

The first approach argues that the core assumption of the Meltzer-Richard model that posits

individuals only seek to maximize their income through social policies is dubious. A large

and thriving literature focuses on “other-regarding” behavior to explain why redistributive

policies are often supported by voters who would otherwise not benefit from such policies.

Dimick et al., for instance, show that “income dependent altruism” induces the rich who live

in places with higher inequality levels to support redistribution. This result builds on the

assumption that individuals care about the welfare of others so that high-income individu-

als might support higher tax rates even though this might decrease their income (Dimick et

al.,2015). A similar insight emerges from the line of work on inequality aversion that is based

on the premise that individuals are interested in the fairness of their own outcome relative

to others. In this framework, it is assumed that individuals incur losses when others have

lower incomes than they do which might induce the high-income voters to agree to more

progressive tax policies (Fehr and Schmidt,1999 ; Lu and Scheve, 2015).

Equally enlightening, the second approach builds on the Meltzer and Richard model by

asserting that the design of the fiscal systems matters for individual preferences. Moene and

Wallerstein argue that the affluent may be willing to pay higher taxes if the fiscal system is

more oriented towards insurance rather than redistribution (Moene and Wallerstein, 2001).

Beramendi and Rehm contribute to this discussion by pointing out that “by determining who

gives and who gains, the design of the tax and transfer system shapes citizens’ expected net

benefits and mediates the impact of income on preferences for redistribution” (Beramendi

and Rehm 2015). The common basic insight from these studies is that the institutional and

the political setting in which the voters operate has potent effects in shaping their redis-

tributive preferences.
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The third approach deals with the level of macro inequality as a driver of redistributive

preferences. Lupu and Pontusson argue it is not the level of inequality, but the structure

of the inequality, that matters for redistributive preferences (Lupu and Pontusson, 2011).

Rueda and Stegmueller indicate the importance of negative externalities of the high level

of inequality for the rich. In their account, macro high inequality raises the crime rates

which is costly for the higher income individuals and thus make them strong opponents of

redistribution (Rueda and Stegmuller, 2015).

While it is surely the case that these contributions have expanded our comprehension of

the origins of redistributive preferences, a lot of variation and inconsistency in the channels

proposed by different scholars to explain the same outcome needs further examination. Do

high-income individuals support redistributive policies because they are altruistic? Alterna-

tively, is it the case that they are trying to maximize their material well-being through social

policies that provide insurance? As such, the need to identify what mediates income’s effects

on demand for welfare policies is essential to construct a parsimonious theory of preference

formation over redistribution.

Although the notion that voters are badly informed is now a central element of political

science’s scholarly heritage (Lupia, 1994), the implications of individuals’ economic and po-

litical illiteracy is seldom a consideration in the models of redistributive preferences. Given

that “what voters don’t know would fill a university library” (Caplan, 2007), incorporating

what people know and how they overcome their lack of information when making decisions

about social policies strikes us as an imperative for researchers to address. In this paper, we

revisit one of the basic assumptions of the Meltzer-Richard model, namely, the expectation

that the voters have perfect information about the economy.
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There is a minimum amount of information that has to be available for an individual to

make an informed decision about the optimal tax rate under the Meltzer-Richard frame-

work. The individual should be sufficiently informed about her personal income as well as

her location relative to the median voter in the income distribution. Similarly, the informa-

tion about different income groups should also be available for an individual to predict not

only how much she will contribute to, but also, how much she will gain from welfare policies.

Much of the existing scholarship takes the notion of perfect information for granted. Recent

evidence that shows individuals have misperceptions about their relative positions in the

income distribution is rendering obsolete a central assumption of this literature (Cruces et

al.,2012; Gimpelson and Treisman, 2015) Individuals have systematic biases in their eval-

uations of self-placement in the income distribution. Thus, relying on the actual position

to predict the support for redistributive policies without taking individual perceptions and

biases into consideration will distort the findings.

In this paper we pay close attention to the disconnect between the literature on political

behavior that takes voter illiteracy as a core assumption and the literature on redistributive

preferences that disregards that assumption. We claim that this disconnect has important

theoretical and empirical consequences that should be taken seriously. An individual will

make decision based on her political and economic knowledge (which could differ from re-

ality) to appraise the set of possible redistributive policies. Any difference might induce

behavior that is observationally disparate from the optimal choice that maximizes material

pay-off. This is true, even if the individual strictly cares about benefits and losses from wel-

fare policies. Additionally, if available information systematically differs from the actual data

across individuals, the redistributive outcome will be distinctly different from the Meltzer-

Richard predictions on the macro level. Very intuitively, losses and benefits from alternative
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redistributive policies depend on an individual’s income and rank relative to others, as well

as on the average income of the other individuals who occupy different ranks of the income

distribution. Specifically, in the context of multidimensional tax systems that levy differ-

ent marginal tax rates on distinct income groups, individuals’ misinformation about other

groups will have significant effects on the political equilibrium that determines tax rates. In

particular, the individual biases pertaining to the income of the rich might have important

effects on preferences over progressive tax policies.

To be sure, one should not expect individuals to know the nuanced statistical properties

of the income distribution. Past research on misinformation about income distribution has

worked with different definitions of misperceptions of income distribution. Gimpelson and

Treisman define misperceptions as a respondent’s selection of a different “type of society”

diagram in the ISSP 2009 survey that corresponds to a different Gini coefficient than the

closest one to their country from the options (Gimpelson and Treisman, 2015). Cruces et

al. operationalize the concept of misperception as respondents’ self-placements in an in-

come decile that is different than their own in the Survey of Distributional Perceptions and

Redistribution (Cruces et. al., 2013). This paper follows a different approach. We argue

that, given that the difference in the levels of material well-being between income groups is

a very salient discussion topic in the economic and political discourse in the United States,

individuals should have a general understanding and accurate information about the income

group boundaries. The validity of most of the models of preferences in redistributive policies

and of the survey questions that measure the support for progressive tax policies depend on

the assumption that respondents know who low and high-income voters are and how much

money they make.

Recent research suggests that one important factor shaping the misperceptions of indi-

10



Aslı Cansunar

viduals is the level of economic inequality in the individual’s local context. Newman et

al.(2015) argue that “compared to lower (upper) income individuals in more equal con-

texts, lower(upper) income individuals in more unequal contexts will be more aware they are

“poor” (“wealthy”)”(Newman et. al., 2015). Cruces et al.(2013) argue “a significant portion

of poorer individuals place themselves in higher positions than they actually occupy, while a

significant proportion of richer individuals underestimate their rank” and these mispercep-

tions are correlated with the respondents’ relative positions in the local income distribution.

Although these studies are insightful, a great deal of work remains regarding alternative

explanations. Very important questions remain to be answered. If differences in income

distribution and inequality levels in local contexts create and shape deviations from the

national income distribution and inequality levels in people’s judgements, individuals’ per-

ceptions should converge to the observed national levels in the aggregate level. However,

recent evidence by Gimpelson and Treisman document that the average level of people’s

perceptions of income distribution and income inequality differ significantly from the ob-

served levels in many countries (Gimpelson and Treisman, 2015). Hence, it is clear that

there is another mechanism besides differences in local contexts that creates these misper-

ceptions and biases.

Why do people have misperceptions about income distribution and specific income groups

when these are very salient issues in the national political discourse? In the next section we

present a model of the cognitive mechanism through which individuals make income group

classifications . We claim that under uncertainty caused by the lack of precise information

about the observed income distribution and income groups, individuals’ judgements are af-

fected by cognitive biases that lead to the creation of misperceptions about the economy

that systematically deviate from the observed economic and political equilibrium.
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III A Model of Distributional Misperceptions

This study examines how people think about different societal income groups. It also analy-

ses the ways people decide the income group in which they belong. In the presence of perfect

information, these lines of inquiry would be unnecessary since individuals would know how

low and high-income groups are defined, and they would make informed classifications. How-

ever, in the absence of perfect information, the mechanics of such classification are not so

trivial. Differing from previous researchers, we claim that the reason behind widespread

distributional misperceptions is not a simple statistical inference problem caused by evalu-

ations of the population parameters from the local sample (Cruces et al., 2013). We focus

on the representativeness heuristic, first formulated by Kahneman and Tversky, to explain

individual predictions on the definition of income classes and self-placement in a limited

information setting (Kahneman and Tversky, 1982).

Kahneman and Tversky define the representativeness heuristic to be the action of evalu-

ating “the probability of an uncertain event, or a sample, by the degree to which it is similar

in essential properties to its parent population” (Tversky and Kahneman, 1972). Their ex-

perimental studies have shown that “the most representative, or prototypical, elements of a

category are better learned, recalled, and recognized than elements that are more frequent

but less representative.” Moreover, “people often err by recognizing a prototypical stimulus

that has never been shown” (Kahneman and Tversky, 1982). We argue that people use

the representativeness heuristic when they have to make predictions about income classes

and self-placement on the income distribution when they are not fully informed. They have

ideal types in mind who represent prototypical personas belonging to the high or low-income

group. The prototypes can be affected by various sources: social media, television shows or

personal experiences.
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An individual’s judgement about the definition of income groups depends on her cogni-

tive representative prototypes for each group. Similarly, self-placement will also be affected

by these prototypes: an individual’s probability of identifying with an income group will

increase insofar as she feels closer to the prototypical figure that represents that particular

group. Additionally, the perceived benefits and losses from social policies will depend on how

these groups are defined in relation to the individual. We formalize these arguments in this

section. We start with a model of decision-making in perfect information setting followed a

model of imperfect information to emphasize the difference between two different approaches.

Consider a case in which individuals only care about their material pay-off from social

policies. Let there be a set of individuals, N , in country, C. We assume that there are two

income groups in C: high-income individuals, denoted by H, and low-income individuals,

denoted by L. In the perfect information environment, let there be a threshold income, yt,

such that individual i belongs to group L if yi ≤ yt, and belongs to H otherwise. Let ȳH be

the average income of the high-income group and ȳL be the average income of the low-income

group. There exits a set of possible tax policies T = TH × TL, such that TH = [0, 1] is the

set of all possible tax rates that can be chosen for the high-income individuals, and similarly,

TL = [0, 1] is the set of all tax rates that can be chosen for the low-income individuals. In

other words, we assume a model of redistribution by two different rates of linear taxation to

allow for a progressive system. Now, we extend the theoretical framework of Lu and Scheve

to formulate the individual utility from taxes and transfers( Lu and Scheve, 2015). The

utility of an individual i is given by:

ui = T (i) + F − C (1)
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Where T(i) is defined to be the post-tax income of the individual i, F is the amount of

transfers, and C denotes the costs of taxation. In particular, we assume that the individual i

who belongs to the low-income group, i.e., has pre-tax income yi < yt, has a post-tax income

of:

T (i) = (1− τL)yi

By the same token, an individual i who belongs to the high-income group has a post-tax

income of:

T (i) = (1− τL)yi + (1− τH)(yi − yt)

Additionally, F is defined as:

F = τLȳL + [τLyt + τH(ȳH − yt)] (2)

Finally,

C =
1

2

∑
j=L,H

ατj
2

denotes the costs of taxation, where α > 0 such that τL, τH ≤ 1.

According to this formalization high-income individuals only pay the tax rate of τH for

their part of the income that exceeds the threshold that separates the two income groups.

In the perfect information case, the calculation of benefits and losses is straightforward.

Yet, individuals lack perfect information about the state of the economy. To account for

imperfect information, we need to make assumptions about individual i’s level of economic

and political information and also about how she makes predictions in the absence of full

information.

Assumption 1. Individuals are not fully informed about yt.
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Assumption 2. In order to make predictions and inferences about the income distribution

as well as the income groups, the individual i draws a “non-representative” sample (Ni)

from (N) . She places herself and others in one of two income groups based on the income

distribution of that sample. Ni is affected by individual i’s prototypical ideal types of both

income groups.

A natural implication of these assumptions is that individuals are uncertain about who

belongs in which income group, including themselves and they have to make predictions

about the state of the society instead of relying on factual information.

We build on the social comparison and status-seeking literature to formulate how individuals

categorize themselves and others into income groups. Recent papers in economics and the

other social sciences have established that individual decisions and concepts of welfare de-

pend on relative rather than absolute levels of income (Immorlica et. al., 2015). We rely on

the concept of the perceived distance from social groups to characterize how individuals in-

come categorization decisions about themselves and other people. Although there are many

possible ways to operationalize perceived distance (Shayo, 2009), perceived income distance

is the most appropriate measure for our purposes here. We build on the social compari-

son model of Immorlica et al.(2015) to operationalize our argument. The absolute level of

individual income is not the only variable explaining decisions pertaining to income group

identification and prediction. We claim that both positional and cardinal considerations

affect the self-categorization process.

Definition 1. The perceived income distance function of individual i from the group of

individuals with higher incomes, SH : [0,∞)N → R, is specified by

SH
i(y) =

∑
j∈N

βijmax(yj − yi, 0)
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Definition 2. Similarly, the income distance function of individual i from the group of

individuals with lower incomes, SL
i : [0,∞)N → R, is:

SL
i(y) =

∑
j∈N

βijmax(yi − yj, 0)

We further assume each individual j has the same normalized weight in the social dis-

tance function, that is, βij =
gij
|Ni|+1

for all i, j ∈ N . gi,j = 1 is interpreted as indicating that

individual j is in the reference group of individual i. We define Ni = {j ∈ N |gij = 1} as

individual i’s reference group. We differ from the traditional social comparison and social

network literature by assuming the reference groups are not strictly local. In our speci-

fication, the reference groups also include representative prototypical figures who are not

necessarily in the individual’s local social set. We argue that the heterogeneity of these

representative stereotypes and irrational assumptions about them are the drivers behind the

creation of misperceptions about income groups and self-identification with those groups.

Also, observe that, due to this specification, an individual’s perceived distance from the

group high(low) income depends not only on the cardinality of set of individuals who she

thinks earn more(less) than her, but also by her degree of conviction. To substantively de-

pict this mechanism, it is important how many people individual i thinks lives in a relatively

nicer house, but also, for her categorization process it makes a difference if those are only

recently renovated houses on the block or are big oceanfront mansions.

We can now proceed to formulate definitions of perceived income class identification.

Definition 3. Given the reference group Ni, income distribution of her reference group

Yi = {yj}j=1,2..,Ni
and own income yi, the individual i is said to identify with the high-

income group if her perceived distance from the higher income individuals is smaller than
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her perceived distance from the lower income individuals, i.e. SH
i < SL

i.

Definition 4. Given her reference group Ni, income distribution of her reference group

Yi = {yj}j=1,2..,Ni
and her own income yi, individual i is said to identify with the low-income

group if her perceived distance from the individuals with higher income is larger than her

perceived distance from the individuals with lower incomes i.e. SH
i ≥ SL

i.

Definition 5. Let there be ||Ni|| individuals in the reference group of the individual i, Ni,

indexed by j ∈ {1, 2, ...||Ni||}. Individuals are distinguished by their pre-tax income level, yj

where yj ≤ yk for j < k. Let yt be the income threshold such that for all yj > yt, SH
j ≤ SL

j

and for all yj < yt, SL
j ≤ SH

j.

Put simply, yt is the threshold for individual i’s reference group that separates the high-

income group and the low-income group. Thus, i’s perceived mean income for the low-income

group is:

ȳL
i =

∑
j∈Ni

yj1 [yj < yt]∑
j∈Ni

1 [yj < yt]

Similarly, i’s perceived mean income for the high-income group is:

ȳH
i =

∑
j∈Ni

yj1 [yj > yt]∑
j∈Ni

1 [yj > yt]

Figure 1 and Figure 2 contain simulations that show how the income distribution of the

reference group affects self-placement into income groups and the assessment of income

levels of these groups. Individual i has the same income in both simulations, but different

reference groups with distinct income distributions. If individual i’s reference group has

the income distribution illustrated in Figure 1, she associates herself with the low income

group. However, in Figure 2, although she has the same income, she will identify with the

high-income group. Observe that average income levels of the groups are also substantially
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different in two simulations. In Figure 1, the reference group of individual i is mostly people

with higher incomes than her. In Figure 2, however, there are more lower-income individuals

that creates the illusion that she belongs to the high-income group.
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Figure 1: Distribution 1

As theorized above, perceptions of income groups and individual location will affect the

choice of optimal tax rates. In this framework, the maximization problem of individual i

becomes:

maximize
τL,τH

Eui = T (i) + F − C (3)

T(i) is defined to be the post-tax income of individual i. F is the amount of transfers, where,

F = τLȳL
i + [τLyt

i + τH(ȳH
i − yti)] (4)
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Figure 2: Distribution 2

where individual j in the reference group of i and classified as a low-income individual, is

thought to have the post-tax income:

T (j) = (1− τL)yj

Additionally, an individual j who was categorized as high-income by the individual i, is

thought to have the post-tax income:

T (j) = (1− τL)yt + (1− τH)(yj − yti)

Finally C = 1
2

∑
j=L,H

ατj
2 denotes the cost to taxation.
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In accordance with this formulation, the self-categorization of individual i affects how she

perceives her expected income to be shaped by redistributive policies. In other words, indi-

vidual i thinks her post-tax income will be (1 − τL)yi if she identifies with the low-income

group, but (1 − τL)yi + (1 − τH)(yi − yti) if she identifies with the high-income group. Ob-

serve that expected post-tax income is not the only channel by which the perceptions about

income distribution could affect the maximization problem. The biased reference group also

affects the assessment of the expected transfers through redistribution, through the param-

eters ȳH
i, ȳL

i, yi.

Consequently, the optimal tax rates for an individual i who identified with the low-income

group is:

τL
∗ =

ȳL
i + yt

i − yi
α

(5)

τH
∗ =

ȳH
i − yti

α
(6)

In the same vein, the optimal tax rates for an individual i who identifies with the high-income

group will be:

τL
∗ =

ȳL
i

α
(7)

τH
∗ =


ȳH

i−yi
α

ȳH
i ≥ yi

0 otherwise
(8)

We now explore the implications of our formulation of misperceptions about income dis-

tribution for individuals’ preferences towards redistributive policies, especially progressive

taxation.

Proposition 1. The model of utility maximization based on perceived income distribution

has the following properties:

1. The preferred level of progressive taxation by individual i who identifies with either
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income group, denoted by τHi
∗, is increasing in ȳH

i.

2. An individual who identifies with the low-income group will demand progressive taxation

independent of her income-level.

3. A low-income individual will not demand positive levels of progressive taxation if iden-

tified with the high-income group and the perceived average income of the high-income

group is sufficiently low.

4. An individual i who identifies with the high income group will demand a positive pro-

gressive tax if the perceived average income of the high-income group is sufficiently

high.

The consequences of misperceptions on income distribution for redistributive preferences

are illustrated by Figure 3. A high-income individual who misperceives her income group

can support progressive tax policies. Even if the individual correctly predicts her income

group, over-optimistic beliefs about the average income of the high-income group can still

induce a high-income individual who associates with her observed income group to support

progressive taxation.

Taken together, we expect that individual preferences in progressive taxation depends

on who is in the individual’s reference group and its (expected) income distribution. The

expectation is that high-income agents are neither altruistic nor inequality averse. However,

most individuals have biased representative prototypes of high-income individuals who earn

more than a typical high-income individual. We claim that these misperceptions create

non-optimal decisions about preferences with respect to progressive taxation.
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Figure 3: Preferences for Progressive Taxation by Income and Perceived Threshold Levels
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IV Empirical Strategy and the Survey Experiment

This section investigates empirically the relationships between preferences and mispercep-

tions that were analytically described in Proposition 1. Our argument builds on the predic-

tion that economic illiteracy influences preferences over progressive taxation and assessment

of the inequality level. It also introduces a cognitive mechanism through which individuals

generate information about the economy and income groups. Specifically, we examine the

following empirical implications of the foregoing theoretical framework,

Hypothesis 1. Misperceptions about income distribution and income groups stem from uni-

versal cognitive heuristics, and they are not correlated either with local income distribution

or local income inequality.

Hypothesis 2. Individuals’ assessments of inequality and demands for progressive taxation

are sensitive to new economic information.

Hypothesis 3. Assessments of income inequality depend on the level of perceived inequality

rather than realized values.
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Hypothesis 4. Individuals demand for progressive taxation increases with the affluence of

the pertinent reference group.

Testing these hypotheses requires a detailed micro dataset that contains information on

individuals’ level of information and their tax preferences. Yet, existing evidence on percep-

tions of inequality and income distribution remains limited. Although there are important

studies that have played a critical role in identifying the misperceptions of income inequality

and income distribution, these concentrate on collecting information about self-placement in

income percentiles and in choosing hypothetical distributions from a menu of choices (Cruces

et. al, 2009; Kuziemko et. al, 2014; Gimpelson and Treisman, 2015) These studies are in-

formative with regard to common patterns of economic misperception. However, they are

limited in their ability to show that the public has insufficient information on widely used

concepts such as the poor, the low-income group, the high-income group and the top tenth

percentile income group. We claim that individuals make systematic mistakes in identifying

who belongs to which income group due to their inability to think of a representative sample

of individuals when they think about the economy as a whole. As we shall see, the mistakes

in question reveal the weaknesses of widely used survey questions in the data sets that shape

most of the work in the literature of income inequality and redistribution preferences.

A related goal of this paper is to assess whether individuals revise and update misper-

ceptions once they receive additional information about income distribution. Bartels argues

that voters fail to connect inequality and policy (Bartels, 2005). Intuitively, if individuals fail

to connect information and optimal policies, then it is futile to argue that non-optimal redis-

tributive preferences are consequences of the imperfect information setting in which agents

operate. Moreover, the notion that individuals change political preferences by acquiring

information would have important implications for political parties’ strategies. In a similar

vein, available datasets are not useful to interrogate if information can induce changes in
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preferences over redistributive policies. Given these limitations, we rely on an original survey

experiment to test the empirical claims introduced earlier.

The empirical analysis presented here is based on evidence from an original survey experiment

conducted in October, 2015 through Mechanical Turk. The survey was designed to capture

perceptions about the annual income of various income groups. It included background so-

cioeconomic questions together with typical demographic questions. Also, the respondents

were asked for their assessment of the annual income thresholds for different income groups:

the poor, the low-income, the high-income and the households in the top 10th percentile.1

In order to minimize differences in interpretation , the questions were personalized depend-

ing on the household size of the respondent.2 The battery of questions was followed by a

treatment (which participants were randomized to receive) providing information on the real

annual income thresholds defining the income groups in question. The information presented

in the treatment was also normalized by the household size. It was followed by questions on

views on income inequality and preferences for taxation policies. The sample size was 560

U.S. residents.

The first part of the survey investigates the claim that Americans misperceive the observed

income distribution, income group classification and their self-identification with a given

group. An empirical implication of this claim would be that individuals give wrong answers

to questions about the yearly income threshold for certain income groups. The goal of this

exercise is not to show that respondents have difficulty in reporting the exact amount of

yearly income thresholds for different groups. Rather, it is to show that they often miss the

1We use Pew Research’s definition of income groups to determine the thresholds. Middle-income families
are families whose size-adjusted income is between two-thirds and twice the median size-adjusted income.
Low-income families have a size-adjusted household income less than two-thirds the median and high-income
families more than twice the median.

2 The Appendix provides a description of the survey questions.
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mark by a huge margin. In order to test these claims, we devised questions that included a

definition of a yearly income threshold necessary to be in income groups and asked respon-

dents to estimate these thresholds. The annual income thresholds were asked for the poor,

low-income, high-income and top 10th percentile income groups. Several measures were taken

to minimize confusion on the part of the respondents. First, the definitions of the thresholds

were given to the respondents to minimize the confusion about what exactly these thresholds

meant. Second, the questions were personalized depending on the self-reported household

size of the respondent. Table 1 shows the questions posed to a respondent with a household

size of 1. These questions were designed to ensure the perceptions of the individuals were

identified with precision.

Past research on income group identification has shown that individuals tend to place them-

selves into the middle class in surveys (Gimpelson and Treisman, 2015). One advantage of

this particular design was that it enabled the collection of information about the perceived

income group of the respondents without triggering the middle income class bias. Asking for

thresholds, rather than self-placement has a moderating effect on biased self-identification

with the income groups. We also asked the respondents to suggest thresholds rather than

selecting from a given list of annual income levels. Thus, the respondents were not forced

to make a selection from a constrained menu of income levels. This feature of the survey

design was meant to avoid the anchoring bias. Additionally, this approach made it possible

to ascertain with certainty the income group identification of the respondent.

For the second part of the survey, we randomly selected individuals and presented them with

the right answers to questions that they had answered in the previous section about the in-

come thresholds of different income groups in order to test Hypothesis 4. The information

was adjusted to the respondent’s household size. The respondents were able to see their own
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Table 1: Questions about income distribution - for households of 1 person

Income Groups Question

Poor The poverty threshold is the minimum annual income level below which
a household is officially considered to lack adequate subsistence and to
be living in poverty.

What do you think the poverty threshold before taxes was for a house-
hold of 1 person in 2014?

Low The low-income threshold is the minimum annual income level below
which a household is officially considered to be a low-income household.

What do you think the low-income threshold before taxes was for a
household of 1 person in 2014?

High The high-income threshold is the minimum annual income level above
which a household is officially considered to be a high-income house-
hold.

What do you think the high-income threshold before taxes was for a
household of 1 person in 2014?

Top 10th Percentile The top 10 percent income threshold is the minimum annual income
level above which a household is officially considered to make more than
90 percent of all the households in the United States in a year.

What do you think the top 10 percent income threshold before taxes
was for a household of 1 person in 2014?

responses as well as the correct thresholds. They were thus given an opportunity to update

their perceptions. More information about this treatment can be found in the Appendix.

IV.1 Dependent and Independent Variables

Demand for Progressive Taxation: We capture the demand for progressive taxation using a

commonly used question: “ Do you think people with high incomes should pay a larger share

of their income in taxes than those with low incomes, the same share, or a smaller share?”
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Answers were reported on a five point scale, labeled with the endpoints “Strongly agree=1”

and “Strongly disagree=5”. We changed the order for ease of interpretation.

Inequality : Similarly, we ask the respondents, “Thinking of income levels generally in the

United States today, would you say that the gap between those with high incomes and those

with low incomes is...? ” Answers were recorded on a 5 point scale, with the end points

“Much too large=1” and “Much too small=5”. Again, we reversed the order for ease of

interpretation.

Rich County : Additionally, to test the effect of local affluence on individual’s perception

of the top 10th percentile income, we relied on the county-level estimates of the top 95th

percentile income obtained from the American Community Survey(ACS; 2014 estimates).

For counties where the top 95th percentile is more than $250,000, the ACS only reports

“more than $250,000”. Since this variable is restricted in support, instead of using it as a

continuous measure, we used the binary variable Rich County=1 if the county level 95th

percentile income is more than $250,000.

High-Income Threshold : We measured the respondent’s reference group’s affluence by the

answer of to the following question: “The high-income threshold is the minimum annual

income level above which a household is officially considered to be a high-income household.

What do you think the high-income threshold before taxes was for a household of X people

in 2014?” where X is the number of individuals in the respondent’s household. In order to

eliminate the effect of household size on the answers, we then adjusted this number for a

household of 4.

Top Income Threshold : We measured the affluence of the respondent’s prototypical rich
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person in her reference group by the answer to the following question: “The top 10 percent

income threshold is the minimum annual income level above which a household is officially

considered to make more than 90 percent of all the households in the United States in a year.

What do you think the top 10 percent income threshold before taxes was for a household of

X people in 2014?”, where X is the number of individuals in the respondent’s household. In

order to eliminate the effect of household size on the answers, we then adjusted this number

for a household of 4.

Poverty Threshold : We asked the respondents “The poverty threshold is the minimum annual

income level below which a household is officially considered to lack adequate subsistence

and to be living in poverty. What do you think the poverty threshold before taxes was for

a household of X in 2014?” to assess their perception of the income of a prototypical poor

person in their reference group.

Percieved Inequality : In order to imitate the widely-used measure of inequality in the lit-

erature, we take the ratio of perceived income of the top 10th percentile to the perceived

poverty threshold to measure what respondents think inequality level is.

Controls : College takes the value 1 if the respondent is a college graduate, Male takes

the value 1 if the respondent is male and Unemployed takes the value 1 if the respondent is

unemployed. Obama takes the value 1 if the respondent report that she voted or intended

to vote for Obama in the last Presidential election.
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V Results

The survey experiment reveals the serious magnitude of the misperceptions of income dis-

tribution and economic inequality. We also found evidence that individuals relied on their

erroneous perception of the economy when making decisions over redistributive policies. We

present several sets of these results in this section. Our first set of results captures re-

spondents’ misperceptions and lack of knowledge about the income groups as well as the

level of income inequality. Our second set of results shows that our experimental informa-

tion treatment decreased individuals’ demand for redistributive policies and assessment of

inequality. Our third set of results build more deeply on the role of misperceptions in individ-

uals’ decision-making process. Finally, we show that respondents’ assessment of inequality

as a problem is a function of their perceived inequality levels as opposed to the objective

measures of observed inequality levels.

V.1 Misperceptions of Income Distribution, Inequality and In-

come Groups

This section presents an analysis of the perception of income groups based on the results of

the online survey experiment. One of the empirical implications of our theory is that the

individuals seriously misperceive certain income groups’ thresholds.

Figure 4 shows the distribution of perceived income groups and the objective income groups

of the respondents. Nearly 63 percent of the respondents accurately placed themselves in the

correct income group whereas 13 percent were poorer than they believed and 24 percent were

richer. Although 63 percent is still fairly low, the respondents had a higher accuracy rate in

terms of income group identification than did earlier studies’ participants. A number of fac-

tors might have contributed to the higher accuracy rate. The design of the survey questions,
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i.e. asking respondents to report thresholds for income groups, was intended to minimize

the middle class bias of the respondents. Similarly, the survey required self-placement into

broader categories than deciles. Finally, Mechanical Turk respondents are better educated

than a representative sample on average. It is worth noting that almost half of the high-

income individuals in the survey underestimated their income rank.

Figures 5-8 show respondents’ predictions about thresholds and the realized levels to de-

pict the magnitude of misperceptions. Tables 5-8 show summary statistics for income-group

threshold predictions of the respondents. One striking result emerging from the survey shows

that most respondents have misperceptions about the thresholds defining the income groups.

Almost all respondents made significant mistakes when reporting the thresholds. Responses

for all of the income group thresholds varied extremely. The range of the answers was larger

than $90,000 in all cases. This range increased almost to $1,000,000 for the high income

threshold and even more so for the top 10th percentile threshold. Although respondents also

gave very sparse ranges of answers for the poverty threshold and the low-income threshold,

the magnitude of error was shockingly large for the high income and the top 10th percentile

thresholds. There is a better agreement between respondents about how much the poor and

the low-income households make a year. These results suggest that individuals err more

when they make predictions about the income levels of the rich.

Our theory rests on the central claim that individuals use the representativeness heuris-

tic when information is either not available or costly to acquire. It is natural for individuals

to have less information about the income of the high-income and top 10th percentile agents

for various reasons. First, there are fewer high-income individuals than low-income indi-

viduals. Thus, with an absence of high income individuals in a social network, it is harder

to make informed predictions. Second, a prototypical top 10th percentile individual has no
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constraints on the level of annual income which leaves more room for overestimation. Fi-

nally, recent work in social comparison literature shows that people get more disutility from

individuals who earn more than them compared to those who earn less (Immorlica et. al.,

2015 ; Fehr and Schmidt, 1999). In this framework, since the “have-nots” will loom larger,

the individuals tend to exaggerate the income levels of the top income groups.

Observable characteristics of the individual’s local economic environment and local social

network should have a minimal effect on the definition of income groups when the repre-

sentativeness heuristic is used to filter information. In prior studies, scholars have typically

argued that people’s misperceptions were affected by their local environment or their close

social network which was not representative of the national level (Cruces et. al., 2013; New-

man et. al., 2015). Although the survey experiment does not provide much leverage to spell

out the exact cognitive mechanisms by which the respondents make predictions, it allows a

preliminary analysis of these competing hypotheses. We expect to find evidence that local

contexts do not primarily affect the lack of precision in defining income groups in relation

to Hypothesis 1.

Instead, we claim that the cause of the misperceptions are cognitive heuristics used by

the individuals when information is not available or costly to acquire. To illustrate the rel-

evance of the cognitive heuristics in categorization of individuals into income groups, Table

9 presents a series of regressions to test Hypothesis 1. The results suggest that there is a

significant and positive effect of ln Household Income on the ln Perceived Top 10th Percentile

Threshold with the inclusion of individual controls and the Rich County variable, the effect

of household income becomes positive and significant at the 5% level. The coefficient of

the Rich County, on the other hand, has no significant effect on the overestimation of the

top 10th percentile threshold. Lastly, Unemployment induces overestimation bias, where
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as College is a significant and strong factor that decreases the perceived level of top 10th

percentile households’ yearly income.

These findings support our theoretical claims regarding the use of cognitive heuristics in

the absence of the necessary information. When individuals are better informed, proxied

by being a college graduate in our empirical investigation, they rely less on “informational

shortcuts” to define income groups that decreases the tendency to err. Additionally, living

in the rich localities does not induce an increase in the prediction of the top 10th percentile

income levels. This shows that misperceptions are not caused by the statistical error of

individuals who think their local sample applies to the nation in general.

V.2 Experimental Results

Table 10 presents the estimates from the regression that test Hypothesis 2. Column 1 shows

that the information treatment causes a 0.2 decrease in the Inequality variable that mea-

sure the assessments of magnitude of inequality levels by the respondents. The effect of the

treatment on the outcome variable Demand Progressive, on the other hand, is negative and

significant at the ten percent level when controls are included.

These results differ significantly from the experimental findings of the previous studies.

Kuziemko et. al. find strong evidence that presenting actual information about economic

inequality to survey respondents was associated with an increase in the share agreeing that

inequality is a very serious problem (Kuziemko et. al., 2015). We argue that the negative

effects of the treatment on the Inequality Problem and Demand Progressive can be attributed

to the overestimation of the top 10th percentile income by almost all respondents. With the

information treatment, more than fifty percent of the respondents have learned that the top

10th percentile income is less than half of what they thought it was. For almost twenty five
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percent of the respondents, there is at least $1,000,000 difference between their estimates

and the objective annual levels. Thus, it is not surprising that the respondents who have re-

ceived the treatment updated their beliefs about the severity of the level of income inequality.

Our model predicts that respondents’ prior misperceptions and lack of information about

income distribution and income inequality will affect their preferences over redistribution

as well as their assessment of the inequality level. Additionally, the treatment’s effects will

depend on the degree and the direction of the correction of these misperceptions.

Table 11 reports our findings related to an empirical investigation of Hypothesis 3. The

perceived inequality level was significantly and positively associated with the the assessment

of the level of inequality, namely, the variable Inequality. The treatment decreases the nega-

tive assessment of the inequality very significantly, especially in the high levels of perceived

inequality.

In Table 12, we report the results pertaining to demand for progressive taxation and the

perception of the high income threshold for the respondent. Hypothesis 4 suggests that as

the high income threshold increases, the demand for progressive taxation should also increase,

consistent with Proposition 1. The results indicate that the perceived level of high-income

threshold has a positive effect on demand for progressive taxation, significant at conventional

levels. However, in this specification, the treatment does not have a significant correction

effect on the misperceived high-income thresholds.

To summarize, we have tested our hypotheses that people’s misperceptions affect their as-

sessments of inequality and demand for progressive taxation. Additionally we find evidence

that additional information dwarf the effects of misperceptions. Overall, we find strong
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evidence that the information treatment affects the assessment of inequality more than it

affects the demand for progressive taxation. There are several reasons that might be induc-

ing this unbalanced treatment effect. First, individuals may have more inelastic preferences

over tax policies that are not easily changed with treatments in an online survey setting.

Second, the unrepresentative sample of the Mechanical Turk respondents might have very

sticky preferences for progressive taxation due to their socio-economic standing.

VI Conclusion

In this paper, we challenge the core assumption of models of redistributive preferences,

perfect information, by bridging the two highly disconnected literatures; one on political be-

havior under imperfect information and the other on preferences for redistribution. We argue

that inconsistent theoretical accounts on the relationship between income groups and the de-

mand for redistribution can be explained through a cognitive framework by which individuals

make predictions about benefits and losses from redistributive policies. An individual’s in-

come contributes to the level of demand for redistribution. However, the predicted affluence

of the high-income group also shapes these redistributive preferences. The difference be-

tween the predicted level and the observed level contributes to the individuals’ non-optimal

decisions about progressive taxation.

This paper points out that individuals have a lot of misinformation, even on concepts that

are parts of everyday political and economic discourse. Very strikingly, citizens are unclear

about the definitions of the income groups. In particular, many respondents overestimate

or underestimate the annual income thresholds of the income groups by large margins. We

also find ample evidence that shows the amount and the substance of information that is

available to individuals is perhaps more important than the actual data in predicting as
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well as to shaping political behavior. Our results show that, on average, individuals judge

the level of inequality in proportion to the level of inequality they perceive. Similarly, the

demand for progressive taxation increases as the perceived income level of the rich increases.

A growing literature has explored alternative mechanisms such as “other-regarding” pref-

erences, inequality aversion and the fiscal system structures to investigate the reason why

income is not uniformly effective across all individuals as a factor in decision-making. We be-

lieve their contributions to the Robin Hood paradox can be better situated by incorporating

the cognitive mechanisms that affect the economic and political decisions of the agents. Very

intuitively, the rich will be altruistic insofar as their predicted levels of poverty. Similarly,

the structure of the fiscal system will affect their decisions to the extent of their information.

Another important finding is the possibility that the design of widely-used survey ques-

tions is inducing measurement error. Most of the questions used in constructing dependent

variables in the literature contain concepts like “high-income individuals”. If respondents

have different perceptions of who exactly those people are, then a natural implication is that

the question fails to measure the attitudes towards redistribution uniformly across individ-

uals. Hence, incorporating informational assumptions into the literature of redistributive

politics is not only theoretically relevant and important, but also has important empirical

implications that require a revision of the existing survey methodologies and measurement

tools.

The foregoing analysis provides preliminary theoretical motivation and empirical evidence

that misperceptions do not stem from a statistical inference problem. Rather, they result

from cognitive heuristics through which information is generated by individuals to make in-

formed decisions about policies in democratic settings. However, the full causal identification
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of these cognitive mechanisms would require additional investigation well beyond the scope

of this article. The limitations of the online survey experiment point to the first of many

worthwhile avenues for future research: the use of a field or a lab experiment to precisely

assess the cognitive mechanisms by which individuals perceive the economic environment

and income distribution.

In a future paper, we will analyze how political institutions and political actors’ strate-

gies help shape misperceptions of income distribution. Political institutions across countries

with different levels of democratic governance may affect how much information is available

to citizens. Additionally, it is fairly well-established that politicians often use the techniques

of political manipulation to attract more votes. Riker states that politicians “typically win

because they have set up the situation in such a way that other people will want to join them

- even without any persuasion at all” (Riker, 1986). It is perfectly plausible that political

actors are shaping economic misperceptions through political campaigns and strategies to

convince voters that they have the tools to solve the problems that might not even exist.

Yet these mechanisms need further examination. Given the salience of income inequality

and redistributive policies for political persuasion, shifting the focus towards an institutional

analysis of the use of information is a compelling next step.

Other than having direct disciplinary implications, our study also speaks to a broader audi-

ence concerned about the production of knowledge and democratic governance. If political

misinformation is perpetuated by cognitive limitations or the limited information supplied

by manipulative politicians, there are some practical issues that have to be solved in order

for a democratic choice to be functional. People have strong values and opinions about in-

equality as well as the affluence of income groups. It is important to demonstrate that these

values and opinions are often based on misperceptions that do not reflect the actual state of
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the economy to help facilitate the possibility of informed democratic decisions.
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VIII Tables and Figures

Table 2: Balance Table

Control Treatment Overall Mean
hhincome:mean 57109.420 59768.029 58462.547

hhsize:mean 2.620 2.648 2.634
age:mean 2.485 2.528 2.507

Obama:mean 0.704 0.732 0.719
male:mean 0.599 0.546 0.572
educ:mean 4.033 4.106 4.070

altruistic:mean 1.821 1.792 1.806
wealth:mean 3.752 3.623 3.686
relig:mean 1.646 1.789 1.719

Ideology:mean 7.632 8.125 7.907
race:mean 2.894 2.877 2.885

urban:mean 0.234 0.250 0.242
wealth:mean 3.752 3.623 3.686

Table 3: Percentage of Respondents Overestimated&Underestimated the Thresholds

Poverty Low-Income High-Income Top 10th Percentile

Underestimated 44% 56% 63% 8%
Overestimated 56% 44% 37% 92%

41



Aslı Cansunar

Figure 4: Distribution of observed and perceived own-income group

Figure 5: Respondents’ Perceived Poverty Thresholds
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Figure 6: Respondents’ Perceived Low-Income Thresholds

Figure 7: Respondents’ Perceived High-Income Thresholds

Table 4: Observed vs. Perceived Income Groups

Perceived Class
Observed Class Low-income Middle-income High-income
Low-income 100 85 0
Middle-income 10 253 43
High-income 0 23 44
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Figure 8: Respondents’ Perceived Top 10th Percentile Thresholds

Table 5: Perceived Poverty Threshold -Summary Statistics

Mean $ 27,224

Minimum $ 2,000

Maximum $ 100,000

Percentiles
25% $ 20,000
50% $ 25,455
75% $ 32,526
90% $ 40,000

*Numbers are adjusted to reflect the threshold for a household of 4.

**The observed value for the threshold is $24,230
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Table 6: Perceived Low-Income Threshold -Summary Statistics

Mean $ 33,844

Minimum $ 1,414

Maximum $ 90,000

Percentiles
25% $ 25,000
50% $ 33,941
75% $ 40,000
90% $ 50,000

*Numbers are adjusted to reflect the threshold for a household of 4.

**The observed value for the threshold is $44,000

Table 7: Perceived High-Income Threshold -Summary Statistics

Mean $ 137,853

Minimum $ 17,888

Maximum $ 1,000,000

Percentiles
25% $ 80,829
50% $ 110,000
75% $ 160,000
90% $ 240,000

*Numbers are adjusted to reflect the threshold for a household of 4.

**The observed value for the threshold is $132,000
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Table 8: Perceived Top 10th Percentile Threshold -Summary Statistics

Mean $ 18,800,000

Minimum $ 13,416

Maximum $
4,620,000,000

Percentiles
25% $ 325,269
50% $ 566,392
75% $ 1,000,000
90% $ 2,828,427

*Numbers are adjusted to reflect the threshold for a household of 4.

**The observed value for the threshold is $191,000
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Table 9: Independent Variable:ln Perceived Top 10th Percentile Threshold

(1) (2) (3) (4) (5) (6)
VARIABLES Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

ln Household Income -0.00861 0.00941 0.0482 0.155** 0.156** 0.160***
(0.0774) (0.0779) (0.0740) (0.0633) (0.0634) (0.0617)

College -0.317*** -0.289*** -0.332*** -0.335*** -0.325***
(0.111) (0.111) (0.120) (0.120) (0.124)

Unemployed 0.701** 0.552* 0.546* 0.555*
(0.339) (0.332) (0.330) (0.334)

Rich County -0.0786 -0.0762 -0.0660
(0.154) (0.154) (0.157)

Obama -0.0833 -0.0493
(0.129) (0.136)

White 0.228
(0.142)

Black -0.00834
(0.258)

Latino 0.131
(0.239)

Constant 12.61*** 12.45*** 11.98*** 10.84*** 10.90*** 10.65***
(0.838) (0.841) (0.794) (0.664) (0.666) (0.667)

Observations 555 555 555 484 484 484
R-squared 0.000 0.006 0.024 0.028 0.029 0.034

Robust standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1
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Table 10: Treatment Effects on the Assessment of Inequality and Demand for Progressive
Taxation

(1) (2) (3) (4)
VARIABLES Inequality Inequality Demand Pro-

gressive
Demand Pro-
gressive

Treatment -0.204*** -0.226*** -0.102 -0.129*
(0.0767) (0.0700) (0.0736) (0.0660)

Constant 4.383*** 4.607*** 4.088*** 4.081***
(0.0547) (0.190) (0.0525) (0.179)

Observations 558 558 558 558
R-squared 0.013 0.201 0.003 0.221
Controls NO YES NO YES

Standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1

Control variables: ln household income, Male, Age, White, Black, Latino, Married, Unemployed,
Obama, Altruistic, College

Table 11: Dependent Variable: Inequality is a Problem

(1) (2)
VARIABLES Model 1 Model 2

Treatment -0.185*** -0.174**
(0.0695) (0.0691)

Perceived Inequality 7.48e-06*** 6.01e-06**
(2.19e-06) (2.47e-06)

Treatment*Perceived Inequality -6.42e-06*** -5.26e-06**
(2.19e-06) (2.46e-06)

Observations 558 555
R-squared 0.017 0.040

Robust standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1
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Table 12: Dependent Variable: Progressive

(1) (2) (3)
VARIABLES Model 1 Model 2 Model 3

Treatment 1.186 1.436 0.731
(1.528) (1.522) (1.427)

ln High Threshold 0.155* 0.219** 0.163*
(0.0871) (0.0871) (0.0840)

Treatment * ln High Threshold -0.114 -0.135 -0.0745
(0.134) (0.133) (0.125)

ln Hh Income -0.135*** -0.109**
(0.0424) (0.0493)

Hh size -0.00766
(0.0282)

Male 0.0374
(0.0720)

Age 0.0718**
(0.0327)

White 0.0598
(0.115)

Black -0.142
(0.178)

Latino 0.221
(0.156)

Married 0.0594
(0.0777)

Unemployed 0.208*
(0.125)

Obama 0.651***
(0.0911)

Altruistic 0.120
(0.0867)

College 0.0834
(0.100)

Constant 2.330** 3.027*** 2.444**
(0.997) (1.013) (1.020)

Observations 558 555 555
R-squared 0.008 0.023 0.141

Robust standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1
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Figure 9: Screen shot of the survey question asking for the poverty threshold
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Figure 10: Screen shot of the information treatment
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