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Abstract 

  Teach for America, while a relatively small cog in the grand scheme of education reform 

in America, has become something of a flashpoint for debate between the educational 

establishment and a new generation of reformers. In the first part of this research, I add to a 

growing number of studies on the effectiveness of TFA teachers by preforming regression 

analysis of student outcomes in grades 3-5 in North Carolina from 1995-2009 and find that, as 

measured by end of grade (EOG) math and reading test scores, first-year TFA teachers produce 

gains that are statistically indistinguishable from experienced teachers and approximately  .09 

standard deviations higher than other first-year teachers in math and .05 standard deviations 

higher in reading. In the second part of this research, I build off of Jackson and Bruegmann 

(2009), who for the first time showed evidence of peer effects between teachers, meaning that 

the outcomes of your own students can be affected by the quality of the other teachers in your 

grade. After confirming the results of Jackson/Bruegmann with three additional years of data, I 

add TFA status as an additional observable characteristic into the equation and find a 

statistically significant and positive effect to having a peer TFA teacher in your grade across 

several models. 

 

JEL classification:  I2, J24 

Keywords:  Education, Teach for America, Peer Effects, Spillover 
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I: Introduction 

Since 1990, Teach for America (TFA) has brought over 20,000 recent college graduates 

into teaching careers that they otherwise would most likely not have considered. These recruits, 

known as “Corps Members,” rarely have experience in education and receive 6 weeks of training 

at one of TFA’s summer institutes before being placed in high-poverty, low-performing school 

districts around the country under provisional/lateral-entry licenses. While it may be a relatively 

small cog in the grand scheme of education reform in America, Teach for America has become 

something of a flashpoint for debate between the educational establishment and a new generation 

of reformers. Detractors argue that TFA places inexperienced teachers where experienced ones 

are needed most, and that TFA teachers have high attrition rates that destabilize schools. 

Supporters claim that TFA teachers are at least as effective as other novice teachers and that 

those who leave after two years go on to be transformational leaders, whether it is running a 

charter school, forming policy, or championing education from another field. The first objective 

of the research here is straightforward: to examine the relative effectiveness of TFA teachers on 

an as of yet untested population, 4
th

 and 5
th

 grade students in the North Carolina Education 

Research Data Center dataset (1995-2009.) 

The second objective is to see whether the influence of TFA teachers extends beyond 

their own students, spilling over to affect peer teachers, that is, those teaching the same grade at 

the same time in the same school. Peer effects in education have received significant attention 
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with regard to students, but Jackson and Bruegmann (2009) only recently were the first to 

attempt to quantify peer effects between teachers. Generally, they found that students have larger 

achievement gains when their teacher’s peers are more effective as measured either through 

observable characteristics or prior value added. As is typical of studies of education inputs, the 

effects were stronger for math than reading. This section of my research is heavily based off of 

that paper, with the idea being that the spillover effects of TFA status can be tested for in the 

same way that Jackson and Bruegmann (2009) did with board certification, regular licensure, or 

advanced degree status. 

II: Literature Review 

II.A TFA Effectiveness 

The most accepted theoretical approach to education research is to treat student academic 

achievement as the output in a production function that takes genetic and social factors, school 

quality, peer group characteristics and teacher quality as inputs (Summers, Sept. 1977). While 

still dwarfed by the effects associated with race and income, teacher quality has been shown to 

be the most important of the adjustable inputs to education, dwarfing the effects of other 

variables such as class size. Rivkin, Hanushek and Kain (2005) , for example, estimated a one 

standard deviation increase in teacher quality (as measured by prior performance) to be as 

effective at improving outcomes as a reduction in class size by 10-13 students. This notion has 

gained at least some traction in the public sphere, with New York City Mayor Michael 

Bloomberg proposing, however seriously, to double class sizes and fire the lower performing 

half of teachers. 
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When purely measuring student achievement, most large-scale research studies have 

come out in Teach for America’s favor: a variety of studies across different geographies have 

found Teach for America teachers to be as effective as or more effective than other novice 

teachers, as measured by their students’ end-of-grade (EOG) test improvement. The only nation-

wide study, and the only one to use random assignment within grades, was conducted by 

Mathematica Policy Research and found that students of TFA teachers had score growth .26 

standard deviations higher in math when compared to other novice teachers, and .15 standard 

deviations when compared to all teachers (Decker, Mayer, & Glazermen, 2004). Differences in 

reading achievement were found to be small and statistically insignificant, a common finding 

across studies and evaluated inputs to education. 

Regionally focused studies have found similar positive effects associated with TFA 

status, particularly in math. Using the same dataset from the NCERDC but evaluating secondary 

school outcomes, Zu, Hannaway and Taylor (2011)found that TFA teachers produce gains about 

.1 standard deviations higher in math and .18 higher in science, when compared to the entire 

teaching population. Even more impressively, the effect of having a TFA teacher was found to 

be about twice the effect of having a teacher with 3 years of experience relative to a novice. At 

the primary school level in New York City, Kane, Rockoff and Staiger (2008) found that, after 

controlling for years of experience, TFA recruits produced indistinguishable reading gains and 

slightly, but statistically significant, greater gains in math (.02 standard deivations.)  

That being said, I must mention that two of the most cited and publically discussed 

studies of Teach for America (Laczko-Kerr, 2002) (Darling-Hammond, 2005) claim to find 

significant and negative associated effects with Teach for America teachers. This is disturbing 

since methodology of these two studies has been widely discredited by the economics 
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community on the basis of sample size and insufficient control variables (Imai, 2002), 

(Freedman, 2002).  

In my mind, the most reasonable criticism levied at TFA has been that their high turnover 

rate could potentially erode the initial advantages TFA recruits have. If traditional teachers are 

on average more experienced than TFA teachers, and the experience effect dominated the TFA 

effect, TFA teachers as a whole could produce lower gains.  In an effort to weigh the effects of 

TFA cohorts’ increased turnover, Kane, Rockoff and Staiger (2008)  formulated a theoretical 

model to compute steady-state returns to different classes of teachers, accomplished by 

multiplying the distribution of teachers by experience level by a function of initial effectiveness 

and returns to experience. In a fixed-effects study of various certification paths in New York 

City, it was found that, even factoring in their higher turnover rate, TFA teachers on the whole 

have been found to produce equivalent steady-state returns to traditionally certified teachers.  

II.A Peer Effects 

 While Jackson and Bruegmann (2009) were the first to explore peer effects between 

teachers, the theory and methodology of peer effects research is fairly well developed. This 

methodology has been applied to a wide variety of contexts, including observational studies on 

college roommates (Sacerdote, 2001), check-out clerks (Mas, 2009) , and academia (Azoulay, 

2010)  as well as in laboratory-based experiments (Ichino, 2006). By far the most commonly 

studied and debated context, however, has been between classmates at the primary school level, 

where there is significant debate over the significance of results. Hoxby (2000) provided 

foundational research that found that an exogenous change of one point in peers’ reading scores 

raises a student’s own score between .15 and .4 points, while others including Zimmer (2000) 
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McEwan (2003) and Kang (2003) find positive effects also present in other countries and 

contexts. Others have argued, however, that problems associated with sorting have resulted in 

misidentification. Using the NCERDC data, Clotfelter Ladd and Vigdor (2006) showed that 

more qualified teachers were matched with higher achieving students both between and within 

schools. Consistent with the notion that proactive parents may be successful in pushing their 

children into the classrooms of more effective teachers, Nechyba and Vigdor (2007) found no 

evidence of peer effects for students once a fixed effect for teachers was included in the 

NCERDC data. 

In extending this research to explore peer effects between teachers, Jackson and 

Bruegmann (2009) have made considerable effort to avoid selection biases. At the student level, 

the authors include controls for parental education level, race, gender, and, most importantly, 

lagged test scores. By controlling for lagged test scores, the authors are using a value-added moel 

of achievement (VAM), in which teachers are judged respective to the quality of their incoming 

classes, which controls for student sorting both between and within schools. There may be an 

additional selection bias in this case, however, if teachers, too, are sorting into schools and 

grades by quality. To control for this, Jackson and Bruegmann use teacher-school and school-

year fixed effects so that results will only be biased in the case that non-teacher improvements 

are being made a grade at the same time that higher-quality teachers are being brought into that 

grade but not others. 

 Additionally, Jackson and Bruegmann must deal with the reflection problem (Manski, 

1993), which says that it is impossible to determine the relationship between an individual’s 

performance and the average performance of his or her group without some form of outside 

information. Since the authors are testing for the relevance of peer effects between teachers, it 
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would be an example of the reflection problem for them to use current peer performance as a 

measure of peer quality. To avoid this, the authors provide two alternatives. First, they use 

observable characteristics such as licensure, test scores, and experience as proxies for peer 

quality as they cannot be exogenously changed. Second, they compute an out-of-sample measure 

of quality through value-added modeling to use as a current period measure of peer quality.  In 

the observable characteristics model, the authors found that a one standard deviation increase in 

observable teacher peer quality is associated with a .008 and .006 standard deviation increase in 

math and reading scores, respectively. Stronger results were found in the prior value-added 

model, where a one-standard-deviation improvement in estimated peer quality was associated 

with a .0398 standard deviation increase in math scores and a .026 standard deviation increase in 

reading scores. 

III: Data and Summary Statistics 

My data for this project come from the North Carolina Education Research Data Center, 

a state-wide panel dataset linking students and teachers between 1995 and 2009. The data 

include test scores for students, experience and training levels for teachers and demographic 

characteristics for both students and teachers. I examine the subset of 3
rd

 – 5
th

 grade students, 

whom can be measured by end of grade (EOG) scores. The grade 3 data is used only to get prior 

test scores for students in grade 4. As is commonly done with this data set, I use the fact that end 

of grade tests at the primary school level are nearly always administered by students’ own 

teachers to make the link between teacher and student. Following Jackson and Bruegmann 

(2009), I perform checks to make sure each teacher does in fact teach math and reading to 

students in the grade they administer the test to and remove teachers who are co-teaching or have 

a teacher’s aide. In addition, I have removed teachers who are teaching more than one grade in a 
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single year, as this is most likely either a coding error or a non-standard school set up, e.g. 

Montessori. This is something Jackson and Bruegmann (2009) appear not to have done. 

 Using information provided by Teach for America, the NCERDC was able to determine 

which of the teachers in the dataset were recruited through TFA. Of the 1,388 names provided by 

TFA, the NCERDC was able to match 1,268 (91.4%). Of these 1,268, 109 exist in the subset of 

4
rd

-5
th

 grade teachers, compared with 33,181 for the traditional teacher population. This gives us 

2,270 EOG score observations for students of TFA teachers and 1,778,386 EOG score 

observations for students with traditional teachers. Summary statistics of test scores and 

demographic data can be found in Table 1.
1
 

 Overall, 28.7% of the students in the sample are black and 61 percent of the students are 

white. 64 percent of students are of the same race as their teacher and 50% are of the same sex. 

The average class size is 23.1 students with a standard deviation of 4.2. The average teacher has 

12.7 years of experience and roughly 6 percent of teachers have no experience. 15 percent of 

teachers possess advanced degrees and 89 percent are regularly licensed (i.e., not provisional, 

temporary, or lateral entry).  

Graph 1A: TFA vs. Traditional Teacher Student Demographics 

                                                           
1
 The data ceases to include national board certification and parental education data beginning in 2007. Given the 

high concentration of TFA teachers in the 2007-2009 data, these variables have been omitted.  
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 Consistent with the notion that TFA teachers are placed in poor performing schools, TFA 

teachers and their students differ significantly from the population as a whole. TFA teachers 

teach to 72 percent black students and only 10 percent white students. Only 28 percent of TFA 

teachers’ students are of the same race as their teacher. The average class size of a TFA 

classroom is 21.8 students with a standard deviation of 6.5. The average TFA teacher has 

approximately 1 year of experience, only 10 percent are regularly licensed, and only 1 percent 

have advanced degrees. TFA teachers’ students come in with scores .49 standard deviations 

below the standardized mean in math, and .45 standard deviations below in reading. However, 

after a year of instruction, TFA teachers’ students experience score growth of .12 standard 

deviations above the mean in math and .03 standard deviations above the mean in reading. While 

these higher levels of growth are encouraging, they are also consistent with regression to the 

mean and motivate the use of multiple regression analysis. 

Graph 1B: TFA vs. Traditional Experience Levels 

29% 

61% 
64% 

48% 

7% 

28% 

Black White Same Race

Student Demographics 

Traditional

TFA



 
 

12 
 

 

 

Graph 1C: TFA vs. Traditional Training and Accreditation 
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Graph 1D: TFA Students Scores and Growth (Normalized so that all teachers together have 

mean of 0) 

Table 1: Summary Statistics 

Variable Traditional Obs Traditional 

Mean 

Traditional 

SD 

TFA 

Obs. 

TFA Mean TFA 

SD 

Lagged Math Score 1643763 .035 .986 2044 -.469 .873 

Lagged Reading 1635059 .022 .988 1986 -.454 .922 

Math growth 1636599 .014 .582 2000 .116 .640 

Read growth 1625248 .010 .617 1946 .0337 .649 

Black 1776378 .287 .452 2270 .721 .449 

White 1776378 .607 .488 2270 .101 .302 

Same Race 1776378 .636 .481 2270 .278 .448 

Same Sex 1776378 .497 .500 2270 .500 .500 

       

Experience(Years) 111743 12.53 9.86 145 .938 1.49 

First Year 115243 .062 .241 172 .384 .488 

Experience 1-3 115243 .166 .372 172 .430 .497 

Experience 4-9 115243 .233 .422 172   .0174 .131 

Experience 10-25 115243 .352 .478 172 .0116 .108 

Experience 25+ 115243 .157 .364 172 0 0 
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Praxis Score 115243 -.00121 .790 172 .359 .634 

Adv. Deg 115243 .155 .362 172 .0116 .108 

Reg. Liscensed 115243 .877 .328 172 .0930 .291 

       

Peer Experience(Years) 103444 12.48 7.03 138 9.09 7.04 

Peer experience First Year 106568 .0631 .164 161 .135 .273 

Peer Experience 1-3 106568 .168 .256 161 .230 .313 

Peer Experience 4-9 106568 .232 .289 161 .179 .262 

Peer Experience 10-25 106568 .352 .332 161 .263 .296 

Peer Experience 25+ 106568 .155 .252 161 .071 .193 

       

Peer Praxis 106568 .001 .563 161 . -.145 .573 

Peer Adv. Deg 106568 .157 .254 161 .141 .236 

Peer Reg Lic 106568 .875 .232 161 .609 .361 

Additionally, there is evidence to support the idea that the peers of TFA teachers are 

generally less qualified, less experienced, and have lower performance levels than state averages. 

The peers of a traditionally certified teacher have on average 12.5 years of experience while the 

peers of a TFA teacher have on average 9.1 years of experience. On average, only 6.3% of the 

peers of traditionally certified teachers are in their first year while 13.5% of the peers of a TFA 

teacher are. 88% of the peers of traditional teachers have regular licensure, while only 67% of 

the peers of TFA teachers do. This all points to TFA teachers teaching in less desirable, harder to 

staff regions. 

IV The Standard Model 

 To estimate the relative effectiveness of TFA teachers, I consider the model of education 

as a production function, with achievement as the output and student, teacher and school 

characteristics as the inputs. In the standard case, this is represented by the equation 
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where     represents current period achievement,      represents prior period achievement, 

   represents a vector student characteristics,    represents a vector of teacher and classroom 

characteristics and   is the idiosyncratic error term. 

 This is the standard model, and is used to test the effects of various student inputs, such 

as the availability of internet in the home or participation in the head start program, as well as 

teacher/classroom inputs, such as merit pay, class size, and national board certification, on 

student achievement. 

 

V: TFA Effectiveness Regression Results 

 There are two paradigms with which to evaluate the effectiveness of TFA teachers: 

Comparing them to the entire teacher population and comparing them to similarly 

experienced/licensed teachers. Which of these evaluations you believe to be more relevant 

depends upon what you believe the opportunity cost of hiring a TFA teacher to be. Teach for 

America supporters argue that TFA corps members work in high poverty, low-achievement 

environments that are characterized by chronic teacher shortages. Detractors, on the other hand, 

argue that TFA teachers are taking the place of experienced educators. I believe that there is 

probably an element of truth to both sides that varies heavily by region. For example, the next 

best option to TFA teachers is most likely quite less favorable in “high-need” regions like the 

Rio-Grande Valley and the Mississippi Delta than, say, Seattle or Boston.  
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 Charlotte, NC, where approximately 40 percent of our TFA teacher-year observations lie, 

has been used by TFA critics as an example of a region where experienced teachers have been 

laid off to make room for TFA members. In 2009, Charlotte brought in 100 new Teach for 

America Teachers while handing pink slips to more than 400 others (Helms, 2009). Since North 

Carolina is a right-to-work state, the school board was not bound to a Last-in-First-Out policy, 

and then Superintendent Pete Gorman claimed that the teachers let go had low performance, no 

licensure, or taught low-need subjects.  

  That being said, I run regressions comparing first year TFA teachers to the population as 

a whole, the population of first year teachers, and the population of uncertified first year 

teachers. Ultimately, each individual district decides how many TFA teachers to hire and can 

base its decision off of whichever scenario is closer to the true staffing situation.  

 In both models, I include school fixed effects, year, grade, and year/grade dummies as 

well as the student/classroom control variables of lagged scores, class size, and race/sex. The 

model comparing first-year TFA teachers to the population of all teachers is constructed by 

running the regressions for all observations with an additional dummy variable included that 

represents first-year TFA teachers. To compare to other first year teachers, I add in a dummy 

variable for first-year status so that the TFA indicator variable now represents difference from 

other first-year teachers. To compare to other first year uncertified teachers, I add in a dummy 

for certification status. Finally, I use standard errors that are clustered at the classroom level. 

 The results (Table 2) are quite remarkable.  Even considering the more stringent School-

Year fixed effects model, first-year TFA teachers are found to produce gains indistinguishable 

from all teachers regardless of experience in both reading (95% CI: -.07 to .04 ) and math(95% 
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CI: -.06 to .07). Furthermore, with respect to other first year teachers, first-year TFA teachers are 

estimated to produce gains .085 standard deviations greater in math (95%CI: .017 to .15) and 

.045 standard deviations greater in reading (95%CI: -.013 to .1). These results suggest that hiring 

TFA recruits could be not just a viable, but even desirable action for school districts given that 

the hypothetical replacement is likely worse than the average teacher that TFA teachers have just 

been estimated to be indistinguishable from.  

 

 

 

 

 

Table 2: TFA effectiveness 

School FE Relative to all teachers Relative to only first 

year teachers 

Relative to first year 

uncertified teachers 

Impact of a first-year 

TFA teacher (math) 

.043 (.035) .131(.035)*** .139(.035)*** 

Impact of a first-year 

TFA teacher (reading)  

.007(.022)  .069(.035)** .0754(.035)** 

*(|p|<.1) **(|p|<.05) ***(|p|<.01), robust standard errors clustered by teacher 
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Note: Dependent variable is normalized score growth. A coefficient of .1 would indicate that the 

respective variable increased score growth by .1 standard deviations.  

 

VI: Spillover Effects Model 

VI.I The Observational Characteristics Model  

 In order to evaluate the spillover effects of TFA teachers, I now consider the peer effects 

model which builds off the standard model of section III:  

                                     

Jackson and Breugmann(2009) first modified this equation to include a vector of peer variables 

as follows 

                                   

where      represents the vector of average characteristics of the peers of teacher j of student i . 

So, for example, the     vector could be composed of 

    (                           ) while     could be composed of     

(                                   )   and      could be composed of      

(                                               ). 

School-Year FE Relative to all teachers Relative to only first 

year teachers 

Relative to first year 

uncertified teachers 

Impact of a first-year 

TFA teacher (math) 

.004 (.034) .085(.035)** .093(.035)*** 

Impact of a first-year 

TFA teacher (reading)  

-.013(.029)  .045(.030)** .051(.030)** 
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My addition to this model is that I have obtained information on Teach for America 

teachers to add in as components to the teacher and peer-characteristic vectors. In the vector of 

teacher characteristics this is represented as a dummy variable equaling one if a teacher is from 

Teach for America. In the vector of peer characteristics, I use this information to compute the 

proportion of other teachers in one’s own grade that were recruited through Teach for America. 

Additionally, to make sure that this effect isn’t misidentified, I have created a variable 

representing the proportion of teachers in the other grade of measurement that were recruited by 

TFA. Since contact between teachers of different grades is likely minimal at the elementary 

school , this is expected to be an insignificant variable once school fixed effects have been 

controlled for. 

VI.II The Value-Added Model 

 The alternative measure of peer quality used by Jackson Bruegmann(2009) is to create a 

“historical value-added” measurement for teachers based on prior performance. This can be 

imagined as replacing the     vector of teacher characteristics with a single measure of prior 

performance and the      vector as the mean of this measure amongst peers. The advantage of 

this model is that it consolidates all of the peer effects into a single, directly interpretable 

coefficient. The disadvantage is that it requires a large portion of the data to be dedicated to 

calculating historical value added. Jackson and Bruegmann (2009) use the 1995-2000 data to 

estimate value added and then regress 2001-2006 period scores on these “teacher effects” and 

“peer teacher effects” variables. Teachers who either came after 2000 or have missing data are 

assigned the mean value added. In my analysis I continue to use the 1995-2000 range for 

historical value added but expand the regression range to be 2001-2009. Since the peer value 

added in this case is a mean of all teachers in a grade, I will follow Jackson and Breugmann and 
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include a control for percentage of teachers. The effect of TFA presence will be modeled in the 

same way as observable characteristics, by the proportion of the other teachers in your grade who 

are from TFA as well as a control of the proportion in the other grade. 

VII: Peer Effects Regression Results 

VII.I Observational Characteristics 

 First, the regression results have confirmed the findings of Jackson and Bruegmann with 

three years of additional data. Generally, this means that there are statistically significant and 

positive effects associated with the own-teacher characteristics of experience, licensure score, 

and regular licensure status and with the peer characteristics of experience and regular licensure. 

For a full discussion of the implication of these results and robustness checks, see Jackson and 

Bruegmann (2009). 

 I focus on the results concerning the addition of TFA status and peer TFA status 

variables. In regards to TFA status, the findings from section IV are robust to the inclusion of the 

personal and peer characteristics. The regressions estimate significantly higher EOG score 

growth than expected  under TFA teachers when based on experience and qualifications for both 

reading and math in the school fixed effects model. These figures are less directly interpretable 

than in part IV, since now all levels of TFA teachers are included and not just first years. Still, it 

is good to see that the effect holds in the steady state. 

 To model the effects of TFA presence in a grade, I have created a variable that measures 

the proportion of the other teachers in your grade who were recruited through Teach for 

America. For example, if there are 5 teachers in a grade, and 1 of them is from TFA, the 4 non 

TFA teachers will each have a proportion TFA in grade value of .25 (1/4) while the TFA teacher 
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will have a value of 0 (0/4). To make sure the proportion TFA in grade variable is not 

misidentified, I also include a variable for the proportion of TFA teachers in the other grade, e.g., 

proportion of TFA teachers in fifth grade given that you are in fourth. If direct interaction is the 

method of transmission for peer effects, the coefficient on this term should be insignificant. 

 I find there are large and statistically significant benefits to having TFA teachers in one’s 

grade for math, while no statistically significant effect appears for reading. For the school-effects 

model on math, the coefficient on proportion of TFA teachers in your grade is estimated to be 

.16 (95%CI: .09- .23), meaning that, ceteris paribus, moving from 0 to 50 percent of your peer 

teachers being from TFA is estimated to boost your own students’ scores by .08 standard 

deviations (95% CI: .045 - .12). Not only is this result highly statistically significant, it is highly 

economically significant when you consider that this effect impacts all of the teachers in a grade. 

 Interestingly, the coefficient on the proportion of TFA teachers in the other grade is 

found to be (borderline) statistically significant and negative for both math and reading when no 

school fixed effects are included. Once school fixed effects are included, however, the 

significance for both math and reading scores disappears. This can most likely be explained by 

the fact that TFA teachers are placed in poorer performing schools. Without school effects, the 

proportion of TFA teachers in the other grade is most likely just serving as a proxy for school 

quality, where more TFA teachers likely signals a poorer school. The fact that the variable is 

insignificant in the fixed effect models gives credibility to the significance and identification of 

the own-grade TFA proportion variable. 
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VARIABLES Reading Reading(School FE) Math Math(School FE) 
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  Lagged Score -0.2148 -0.2285** -0.1840** -0.1975** 

  [0.001] [0.001] [0.001] [0.001] 

TFA Status 0.0259 0.0440* 0.0953** 0.1052** 

  [0.022] [0.021] [0.029] [0.027] 

Proportion TFA in Own Grade -0.0103 0.0167 0.1476** 0.1629** 

  [0.026] [0.027] [0.036] [0.037] 

Proportion TFA in Other Grade -0.0651+ -0.0091 -0.1021+ -0.0679 

  [0.039] [0.042] [0.053] [0.051] 

1-3 Years Experience 0.0383** 0.0357** 0.0651** 0.0618** 

  [0.003] [0.003] [0.004] [0.004] 

4-9 Years Experience 0.0538** 0.0494** 0.0766** 0.0732** 

  [0.004] [0.003] [0.005] [0.005] 

10-24 Years Experience 0.0719** 0.0668** 0.0898** 0.0884** 

  [0.004] [0.003] [0.005] [0.005] 

25+ Years Experience 0.0753** 0.0741** 0.0920** 0.0910** 

  [0.004] [0.004] [0.006] [0.005] 

Peer Experience 1-3 Years 0.0121* 0.0059 0.0261** 0.0177** 

  [0.005] [0.005] [0.007] [0.006] 

Peer Experience 4-9 Years 0.0150** 0.0038 0.0226** 0.0127+ 

  [0.006] [0.005] [0.007] [0.007] 

Peer Experience 10-25 Years 0.0218** 0.0103+ 0.0202** 0.0160* 

  [0.006] [0.005] [0.008] [0.007] 

Peer Experience 25+ Years 0.0170** 0.0154** 0.0215* 0.0193* 

  [0.006] [0.006] [0.008] [0.008] 

Licensure Score 0.0129** 0.0052** 0.0247** 0.0191** 

  [0.001] [0.001] [0.002] [0.002] 

Advanced Degree 0.0016 -0.0043+ 0.0039 -0.0038 

  [0.003] [0.002] [0.004] [0.004] 

Regular Licensure 0.0265** 0.0248** 0.0390** 0.0382** 

  [0.003] [0.003] [0.004] [0.004] 

Peer Licensure Score 0.0173** -0.0002 0.0154** 0.0029 

  [0.002] [0.002] [0.002] [0.002] 

Peer Advanced Degree 0.0131** -0.0015 0.0250** 0.0059 

  [0.003] [0.003] [0.005] [0.004] 

Peer Regular Licensure 0.0062 0.0019 0.0122* 0.0102+ 

  [0.004] [0.004] [0.006] [0.005] 

Observations 1450833 1450833 1461110 1461110 

R-squared 0.127 0.139 0.125 0.146 

** p<0.01, * p<0.05, + p<0.1   
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Table 3: Observable Characteristics Regression Results 

VI.II Prior Value added model 

          I now move on to the model of peer-effects using prior value-added as opposed to 

observable characteristics. This model is preferable in that it uses an objective measure of peer-

quality and far fewer variables than the observable characteristics model. In addition to 

confirming the significance of prior own quality and peer prior quality with similar coefficients 

to Jackson and Bruegmann (2009) , I find a  positive significance to having a peer TFA teacher 

in your grade for math as was found with the observable characteristics model. Again, there was 

no significant effect on reading scores. 

Table 4: Prior Value Added Regression Results 

VARIABLES Reading Reading(Sch FE) Math Math(Sch FE) 

Lagged Reading Score -0.2145** -0.2285** -0.1823** -0.1953** 

 [0.001] [0.001] [0.001] [0.001] 

Proportion TFA in grade -0.0094 0.0054 0.1615** 0.1305** 

 [0.025] [0.026] [0.038] [0.037] 

Proportion TFA out of grade -0.0392 -0.0048 -0.0197 -0.058 

 [0.038] [0.041] [0.044] [0.045] 

Teacher Prior Value Added 0.0772** 0.0774** 0.2025** 0.2034** 

 [0.003] [0.002] [0.005] [0.004] 

Peer Teacher Prior Value Added 0.0171** 0.0164** 0.0536** 0.0589** 

 [0.002] [0.002] [0.004] [0.004] 
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Observations 1450833 1450833 1461110 1461110 

R-squared 0.131 0.143 0.16 0.176 

 

Specifically, in the school fixed effects model, the coefficient on the proportion of peer teachers 

who were recruited by TFA is estimated to be .13 (95%CI: .057 to .20 ).  

   

Conclusion 

 There appears to be highly suggestive evidence of a spillover effect associated with 

Teach for America teachers, at least as far as math scores are concerned. Using both observable 

characteristics and prior value-added to measure teacher quality, I find coefficients on the 

proportion of your peers who are TFA teachers in excess of a 10
th

 of a standard deviation. When 

you consider the effect each teacher has on average 3 peers, the economic relevance of this effect 

is enormous. Since I have included school fixed effects and a measure of the proportion of TFA 

teachers in the other grade of measurement, our results would be biased only in the case that 

improvements to one grade are being made at the same time that TFA is being introduced into 

that grade and not to the other. In appendix 1, I propose ideas for future research on the subject.  
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Appendix I: Directions for Future Research 

Interaction Effects 

 I now modify the equation to separate the effects on TFA teachers from those on regular 

teachers of increased value added. This can be done by splitting the      vector in two using 

interaction terms. So that       becomes instead   (    )     (        )  to examine the 

how the effect of peer quality differs between TFA and traditional teachers. Clearly, this effect is 

much easier to understand when       represents a single measure of peer quality as opposed to a 

vector of variously significant components. For this reason, I will use Jackson and Bruegmann’s 

value added model to test for the susceptibility of TFA teachers to peer quality. There are 

conflicting influences here, as Jackson and Bruegmann have shown that first year teachers are 

more influenced by peer quality, probably due to impressionability and lack of established 

pedagogical technique, while teachers with low labor attachment are less susceptible to peer 

quality (Jackson and Bruegmann use alternatively certified teachers and I predict TFA status is a 

similar indicator of low labor attachment). Given the presence of an external support and 

evaluation system for TFA’s teachers, however, I predict that    is negative, meaning that the 

overall effect for TFA teachers        is lower than that for traditional teachers. 

 Finally, I will run the regression separately on TFA and traditional teachers to separate 

the effect that TFA presence has on these two groups. 

                          (        )                      
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                          (        )                     

Effect Coefficient Predicted Value 

1. Effect of increased 

PeerAverageValueAdded 

from all teachers on all 

teachers 

   In a confirmation of the study by Jackson 

and Bruegmann, should be positive and 

significant. 

2. Difference of effect of 

increased 

PeerAverageValueAdded 

from all teachers on TFA 

teachers as opposed to 

traditional teachers 

   There are conflicting influences of 

inexperience (positive by 

Jackson/Bruegmann) and decreased labor 

attachment (negative by 

Jackson/Bruegmann) . I predict that labor 

attachment will dominate, making  

    negative (meaning that the overall effect 

will be diminished, when combining the 

original effect and the effect with this 

TFA/Peer effect interaction term. ) 

3. Effect of peer TFA 

presence on traditional 

teachers 

   

(Traditional 

only 

dependents) 

I predict that the pressure of perceived 

competition and the introduction of new 

pedagogical techniques from TFA teachers 

will drive a positive effect and β1 > 0. 

4. Effect of peer TFA 

presence on TFA teachers  

   (TFA 

only 

dependents) 

I predict that the expected cooperation 

between fellow TFA members will drive a 

positive spillover effect, β2 >0 
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Separating Knowledge from Learning 

 Once of the unanswered questions left by Jackson and Bruegman was the separation of 

knowledge-based and motivation-based effects in peer learning, i.e., are the positive effects of 

high-quality peers driven by the transmission of pedagogical technique or simply by motivation 

to not look bad in comparison. Jackson and Bruegman showed that the effects of peers are 

persistent into the future, but the original source of this effect cannot be determined (as it is just 

as possible that a more motivated teacher increased his/her permanent quality by working harder 

in a single year and getting better). The presence of TFA teachers provides a natural experiment 

to examine this relationship. 

  My proposal is to separate the peer effects driven by the presence of good and bad TFA 

teachers (perhaps the best and the worst to get greater separation). If the effects of the presence 

of both are positive, but indistinguishable from each other, it points to motivation rather than 

actual transmission of ideas and skills. While it is entirely possible that bad teachers transmit real 

skills (meaning that their student test scores are not representative of their quality as a teacher), it 

seems less likely that this is true.  
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