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VoxMovies-Test

Jiik El E2

E2 E5 TheSound-test

EER mDCF EER mDCF EER mDCF EER mDCF EER mDCF EER mDCF

ResNet34  7.797% 0.594 8.669% 0.626 9.764% 0.845 9.627% 0.780 12.105% 0.790 18.704% 0.923
;?;?;‘Mov'es' 6.854% 0.572 8.150% 0.608 8.978% 0.841 9.431% 0.789 11.185% 0.759 17.541% 0.957
++25 0% 5.089% 0.503 6.909% 0.551 7.166% 0.773 8.915% 0.809 9.875% 0.751 17.475% 0.942
Ug:/?e'\s" 3.914% 0.334 4.521% 0.350 5.032% 0.578 5.124% 0547 7.003% 0.543 11.576% 0.712
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Speaker verification in deliberately disguised scenarios

QIN Xiaoyi®?, LI Ze?, LIU Dong?, LI Ming?
(1. School of Computer Science, Wuhan University, Wuhan 430072, China;
2. Suzhou Municipal Key Laboratory of Multimodal Intelligent Systems, Duke Kunshan University, Jiangsu
215316, China)

Abstract: The challenge in the task of deliberately disguised speaker verification lies in the speaker intentionally
altering their voice to become someone else and thereby concealing their identity. This paper views this task as a
scenario where one person plays multiple roles and proposes the CN-Movies training set and TheSound-test
testing set for this task. The CN-Movies dataset is constructed by matching characters, detecting faces,
recognizing faces, lip movement recognition, and voice activity detection in Chinese movies featuring actors and
voice actors. This dataset includes the original voices of actors and their corresponding voice actors, leveraging
the characteristic of actors and voice actors intentionally altering their voice to portray different roles, thus
facilitating the collection of multi-role data for deliberate disguise. Additionally, utilizing the feature of the
program TheSound, where voice actors intentionally hide their identities to avoid being recognized, this paper
proposes the TheSound-test as a testing set for deliberate disguise scenarios. By combining the data mined from
the above fields, this paper proposes using a Siamese network model, achieving significant improvements in
speaker verification performance on both the VoxMovies test set and TheSound-test set.

Key words: speaker verification; deliberate disguise; siamese network



