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Abstract 

This thesis investigates the changes in the ownership of multi-family rental complexes in 

Durham between 2000 and 2018 and their subsequent impact on housing stability. Specifically, I 

model and compare the likelihood that an eviction filing is issued by corporate and individual 

landlords in the periods before and after a transaction. Since the early 2000s, institutional 

investor share in all property sizes has increased dramatically in the United States. In 2013, the 

Blackstone Group released the first-ever rated bond backed by single-family securitized rental 

payments, and since then, numerous firms have followed with similar security offerings, which 

as of 2018 include bonds backed by multi-family rental income. The surge of institutional 

investment in multi-family rental properties and its impacts on communities have remained 

largely ignored in academic literature. Durham County currently holds one of the highest 

eviction rates in North Carolina and ranks in the top 40 of highest evicting large cities in the 

United States. In my thesis, I uncover how ownership of rental properties in Durham has 

changed since the early 2000s and investigate whether the behaviors of "corporate landlords" 

differ significantly from those of individual investors (or “mom and pop” landlords”). I find that 

the proportion of properties under corporate ownership has increased across all property sizes 

since 2000, and the proportion of corporate owners that are based out-of-state has also increased. 

I also find evidence to suggest that different sizes of multi-family properties should be examined 

distinctly, as I uncover different trends across property sizes in both ownership and eviction 

rates. Using a fixed effects model, I find that overall, individuals appear to have a higher 

likelihood of filing an eviction against a tenant compared to institutional landlords in the months 

before and after a transaction. Finally, I find that large investors amongst both corporates and 

individuals, defined as investors that own more than 15 properties in Durham, are significantly 

more likely to evict than smaller investors are.
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Introduction 

Over the past decade, Durham residents have been struggling with the forces of 

gentrification redesigning their neighborhoods and often leaving them out of the blueprint. 

Gentrification, defined in one economics paper as the “influx of wealthier residents accompanied 

by rising property prices and the displacement of existing, lower-income residents” is a 

phenomenon evident in multiple cities across the nation (definition from Raymond et. al, 2016). 

A Gentrification Report released by Governing examining the nation’s 50 largest cities in 2015 

found that nearly 20 percent of neighborhoods with lower incomes and home values experienced 

gentrification since 2000 (Maciag, 2015). My thesis aims to explore one factor related to the 

displacement of tenants in Durham: the rate at which formal evictions are filed by corporate and 

individual landlords, as specified by The Rental Housing Finance Survey1.  

Formal evictions, or evictions processed through the court system, are not the only 

method by which a tenant may be displaced. The displacement process for a tenant can take 

many different forms but many of these moves are difficult to document and measure. A forced 

move is defined by the United Nations as “the permanent or temporary removal against their will 

of individuals… from the homes… which they occupy, without the provision of, and access to, 

appropriate forms of legal or other protection” (United Nations). Forced moves include cases 

such as landlords changing tenant’s locks or increasing rents, which force residents to relocate 

because they can no longer afford their apartments (Desmond, 2016, Who Gets Evicted?). These 

forced moves do not leave clear paper trails. Yet, they are still major reasons low-income tenants 

end up displaced from their communities. According to Desmond’s findings from the MARS 

Project, informal evictions were twice as common (48 percent) as formal evictions (24 percent) 

                                                
1 The Rental Housing Finance Survey divides all landlords into two groups: individual landlords and non-individual 
landlords. Non-individual landlords are considered to be the following: trustee for estate, LLP, LP, or LLC, tenant in 
common, general partnership, REIT, real estate corporation, housing cooperative, non-profit organization and other. 
I give my own definition of what “corporate” ownership entails using the Rental Housing Finance Survey’s 
classifications as my guide. I will discuss this encoding in detail in the Data section.  
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in forced moves (Flowers, 2018). By focusing on formal ejectment filings, my thesis will 

necessarily underestimate the magnitude of the displacements in Durham. The aim of this 

research is not to explore and measure the various causes of displacement, but rather to 

investigate the differences in the use of eviction filings to displace tenants amongst different 

types of owners in Durham’s multi-family rental market.  

 The eviction crisis is an important epidemic, especially when we recognize the changing 

landscape of homeownership and renter-ship in the United States. Following the 2008 financial 

crisis, homeownership lost its role as a key element of the American Dream, replaced by a new 

demographic of renters. Homeownership rates declined from 68.4 percent in the first quarter of 

2007 to 62.9 percent in the first quarter of 2016, which is the lowest they have been since 

homeownership rates started being reported back in 1965 (U.S. Census Bureau, 

“Homeownership Rate”). By the end of 2016, renters out-numbered homeowners in 22 more of 

the 100 largest cities in the United States, bringing the total number of renter-majority cities to 

42 (Szekely, 2018). Since 2016, rates have steadily increased back to around 64.8 percent in the 

last quarter of 2018, but this is still much lower than pre-financial crisis levels (U.S. Census 

Bureau, “Homeownership Rate”).  

Not only has there been a dramatic change in the composition of communities across the 

United States, but there also appears to have been a change in the composition of who owns these 

properties. In the past decade, rental markets across dozens of cities, previously dominated by 

mom-and-pop landlords, have slowly been replaced by non-individual investors2 (Kolomatsky, 

2017). Between 2001 and 2015, non-individual investors gained the majority share of rental units 

(52.2 percent) as a result of increased ownership of multi-unit properties (Kolomatsky, 2017). In 

fact, institutional investors have gained shares across all sizes of rental properties since 2001 

(Kolomatsky, 2017). There are several real estate investment trusts (REITs) and private equity 

                                                
2 This includes all landlords other than individuals as defined by the Rental Housing Finance Survey. 
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firms in the United States that currently operate portfolios consisting of tens of thousands of 

single-family properties, dispersed in different cities across the nation (Mills et. al, 2016). 

Recently, multi-family property rentals have also begun to pique the interest of large financial 

institutions and property managers such as Freddie Mac and Fannie Mae, though these properties 

remain largely ignored in research related to institutional investment in real-estate markets 

compared to single family residences.  

Furthermore, recent studies have begun to investigate the strategies employed by these 

“corporate” landlords and evaluate their impact on housing instability (Raymond et. al, 2016; 

Fields & Uffer, 2016; Immergluck, 2013; Herbert et. al, 2013; Mallach, 2013; Ford et. al, 2013). 

However, there is no research currently focused on understanding the relationship between the 

owners of multi-family units and their eviction filing rates. This seems like a natural relationship 

to investigate, particularly in cities with high rates of evictions. One community that stands at the 

intersection of high investment and high eviction rates is Durham County, North Carolina. 

This paper proceeds as follows. I begin with an overview of the background of Durham 

and explain why it serves as a good case study for exploring my research questions. Next, I 

present the relevant literature on rental ownership and housing stability in the United States and 

give historical context to provide motivation for why the topic is so pressing. Following the 

Literary Review, I provide an in-depth discussion of my data preparation and manipulation 

process, including an overview of my rigorous hand-coding system to identify different types of 

owners. As part of my data section, I look at the changes in ownership of Durham’s multi-family 

rental properties between 2000 and 2018. Specifically, I look at the differences in ownership 

trends amongst corporates and individuals, as well as ownership trends between out-of-state and 

in-state corporates. 

Next, I provide a theoretical framework from which to think about this problem and 

present the empirical specifications of my fixed effects model. I apply this framework on various 

landlord characteristics, including landlord type (whether the landlord is a corporate or 
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individual), landlord location (whether the landlord’s headquarters are based), and landlord size 

(whether the landlord owns more than 15 multi-family properties in Durham). I present my 

results along with numerous sensitivity analyses in my Results section. Finally, I discuss the 

implications of my findings, including potential ideas for further research, and conclude. 

 This paper makes several contributions to the empirical literature on rental property 

ownership and eviction rates. First, it presents one of the only attempts to directly link rental 

property ownership to eviction rates3. It is the first paper that specifically focuses on uncovering 

the changes in the multi-family rental market at such a detailed level. Specifically, I document 

the changes in ownership between corporates and individuals as well as between out-of-state and 

in-state corporate investors of Durham’s multi-family rental market between 2000 and 2018. 

Second, using a fixed effects model, I explore the differences in the likelihood of an eviction 

filing based on different landlord characteristics. Finally, I find evidence to suggest that the 

likelihood of a specific type of landlord evicting a tenant differs across property sizes. Therefore, 

I suggest that multi-family dwellings should not be lumped together when conducting analysis, 

but rather, different property size groups should be uniquely analyzed. 

  

                                                
3 The only paper that attempts to establish a quantifiable relationship between eviction rates and corporate 
ownership is a paper by Raymond et. al called “Corporate Landlords, Institutional Investors, and Displacement: 
Eviction Rates in Single family Rentals.” The authors limit their investigation to the single-family rental market. My 
thesis, unlike the paper mentioned, focuses exclusively on the multi-family rental market.  



 5 

Background 

Durham County currently has a population of over 300,000 residents. Since 2000, the 

population has increased a whopping 50%, two-thirds of which is attributable to the heavy influx 

of new residents. 85% of the Durham population currently lives in the city of Durham. 

According to Mayor Steve Schewel, in 2018, the city of Durham saw an influx of 20 new 

residents every single day. That adds up to approximately 7,000 people each year, which places 

Durham as the fourth highest city in people moving in, per capita, in North Carolina (Krueger, 

2018).  

Furthermore, migrants pouring into Durham are on average richer than residents currently 

living in Durham, especially in the downtown area. The average new resident in Durham makes 

approximately $13,000 more a year than current residents do (Vaughan, 2018). As more 

residents pour into the county, and job growth continues to grow, residents have seen a rise in 

rents, specifically in the Triangle area (Eanes, 2019). Further, apartment occupancy rates are at 

the highest they have been in the past 20 years, which means tenants have less room to negotiate 

with their landlords on rental contracts (Eanes, 2019). 

To meet this new demand for housing, 4,316 new housing units, including single-family 

homes, duplexes and apartments were built in 2017, up from 4,015 units in 2016 (Krueger, 

2018). As the skyline of Durham continues to change, it is important to understand the types of 

entities that are investing in the community. My thesis aims to tackle one part of that 

investigation: specifically, I uncover how the ownership of the county’s multi-family dwellings 

have changed.  

As residents and investments continue flooding in, Durham County currently faces one of 

the highest eviction rates in the country and the state. In the 2015-2016 fiscal year, one eviction 

case was filed for every twenty-eight Durham County residents, putting Durham County at the 

highest eviction rate among the ten largest counties in North Carolina (Willets, 2017).  
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The increases in investment and construction in Durham County in the past decade 

coupled with the current eviction crisis make it an interesting case study for my thesis. As it 

stands, there is little research that looks at the systematic changes in ownership of rental 

properties across our nation’s cities, and its subsequent impact on housing stability. Given the 

unique position of Durham County as a hot spot for evictions as well as a hub for investment, I 

contend that it is one of the best places to begin to explore this relationship. The distinct 

contribution of this paper is to investigate the changes in ownership of Durham’s multi-family 

rental market between 2000 and 2018 and what it reveals about Durham’s eviction crisis.   
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Literature Review 

History of Investment in the Rental Market  

The subprime meltdown and financial crisis of 2008 led to high rates of foreclosures in 

the United States, which led to serious imbalances in the housing market. At the core of this 

imbalance was the excess supply of owner-occupied housing and a very low demand for it, 

coupled with a heightened demand for renting. There were a number of reasons that these 

imbalances came to exist. Firstly, there were restraints on mortgage credit following the crisis. 

Many lending institutions tightened underwriting conditions dramatically, so consumers were 

unable to secure loans to buy homes. Further, there was an extra reluctance to extend credit to 

borrowers who actually could meet the underwriting standards currently set by the GSEs, or 

government-sponsored enterprises, leading to even more reduced levels of lending. Specifically, 

lending to first time homebuyers dropped precipitously, a demographic which represented an 

important source of incremental housing demand. Therefore, families that were either unable to 

or reluctant to purchase homes started entering the rental market in large swaths. Rents started to 

rise and vacancy rates for multifamily properties were on the decline in most metropolitan areas 

by 2012 (America’s Rental Housing, 2013). 

In 2012, in order to meet the high demand for renting and stabilize the rental market, the 

Federal Reserve suggested that private equity firms invest in foreclosed homes and turn them 

into rental properties (Bernanke, 2012). Perhaps to create incentive, Chairman Ben S. Bernanke 

also stated that REO (real-estate owned) holders would make more money by renting rather than 

selling their properties (Bernanke, 2012). The geography of the foreclosures coupled with the 

low price-to-rent-ratios spurred investment mainly in the “Sun Belt” region across the United 

States, which stretched across the Southeast to the Southwest, including states like California, 

Texas, Arizona and Georgia. In various cities, such as Las Vegas and Boston, investors were 

able to channel a tremendous amount of capital into distressed areas, which likely did stabilize – 
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at least in the short-term – occupancy of foreclosed properties in the absence of effective demand 

by owner-occupants (Herbert et. al, 2013a). However, the long-term impacts of these new 

institutional investors on the community were yet to be seen. 

The investments made post-financial crisis were not the first-time institutional investors 

entered the rental market in large numbers. A combination of low stock market returns, low 

interest rates in the early 2000s, and a tight rental market created a prime opportunity for 

investment in multifamily rental housing in New York several years before the housing crisis 

(Fields, 2015). Between 2005 and 2009, private equity funds bought up approximately 100,000 

units, which represented around 10 percent of the supply of rent-stabilized housing in New York 

(Association for Neighborhood and Housing Development (ANHD), 2009). The investors paid 

extremely inflated prices for these properties, based on appraisals that underestimated operating 

expenses and overestimated rental income (ANHD, 2009). Thus, the firms were unable to make 

returns keeping the rents at current levels and began to engage in what advocates later termed, 

“predatory equity” practices, which included displacing tenants through eviction filings in order 

to raise rates, or intentionally cutting back on maintenance costs and letting building conditions 

deteriorate to unlivable conditions (Fields, 2015). These tactics were used with the goal of 

securing double-digit returns in the rental market (Fields, 2015).  

 

Recent Trends in the Rental Markets  

The entry of institutional investors into the rental market continues to grow. Historically, 

the single-family segment of the rental market has been classified as a “real goods” market, 

comprised of small investors with small inventories. However, the financial liberalization and 

changes in housing policies have created market conditions that are favorable to larger investors 

(Fields & Uffer, 2016; Immergluck, 2013; Herbert et. al, 2013b; Mallach, 2013). According to 

the Rental Housing Finance Survey conducted in 2015, individual investors are still the biggest 
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group in the rental housing market in 2015, accounting for 74.4 percent, or 16.7 million rental 

properties (US Census Bureau). However, individual investors owned less than half (47.8 

percent) of rental units, since property size tends to be smaller among smaller investors (Lee, 

2017). While non-individual investor share in all property sizes has increased since 2001, the 

most significant increase in their ownership share has been in properties with 5-24 units, where 

non-individual investors now own 62 percent of these properties compared to 35 percent in 2001. 

Overall, non-individual investors continue to have a majority share in properties with over 25 

units but are a minority in properties with 2-4 units (23 percent), which allows for continued 

market penetration (Kolomatsky, 2017).  

Perhaps, the reason financial institutions are so interested in the rental market is because 

it is increasingly seen by the financial sector as a new investment opportunity with the potential 

to yield high returns. Eisfeldt and Demers published a paper in the National Bureau of Economic 

Research in 2015 that studied the total returns that could be achieved in the single-family rental 

market, analogizing the dividend yields and capital gains that constitute total equity returns to 

rental yields and house price appreciation, which they deemed as the two components for rental 

returns. The researchers then studied how much return could be made in different price tiers and 

regions of the United States’ single-family rental market (Eisfeldt and Demers, 2015). 

Historically, institutional management faced barriers to entry into the real-estate space 

such as high management costs, risks associated with renters’ vulnerability to economic shocks, 

and the absence of a track record for structured finance opportunities (Berry, 2000). Fields, in a 

paper published in 2018 discusses how these barriers have been breached by private equity firms 

in the past decade and traces the history of the financialization of the rental space (Fields, 2018). 

This recent research demonstrates the financial sector’s growing interest and view of the rental 

markets as investment opportunities.  

The main reason I expect the behaviors of corporate investors to be different than 

individual and non-corporate investors lies in their fundamental motivations. Private equity firms 
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typically seek returns of 10-20 percent a year over relatively short investment terms; in contrast 

to this, real goods markets such as housing have generated moderate profits in the single-digit 

range (Fields, 2016; Evans & Habbard). This highlights a fundamental discrepancy in the 

motivations between the usual small investor base in the real estate market and the expectations 

being placed by new financial players on the housing market.  

In the last five years, institutional investors with large portfolios of rental homes have 

begun financing these portfolios through single-family rental (SFRs) securitizations, which are 

backed by rent checks from the portfolios of thousands of single-family rentals. In November 

2013, the Blackstone Group released the first-ever rated bond backed by securitized rental 

payments, and since then, numerous firms, including American Homes 4 Rent, have followed 

with similar security offerings (Gottesdiener, 2017). Even then, tenant advocates voiced concern 

over the potential future for residents whose homes made up parts of these portfolios, and with 

reason. According to an article in 2014 from the Los Angeles Times, American Homes 4 Rent 

expressed they were met with “relatively little resistance” as they began “experimenting this 

Spring with 4 percent to 5 percent rent hikes on lease renewals” (Logan, 2014).  

The financing of portfolios of this size also occur through the capital structure of publicly 

traded real-estate investment trusts (REITs). The presence of REITs and the number of SFRs 

have continued to increase in recent years, both of which fundamentally treat renters’ homes as 

publicly traded financial assets, often without the express knowledge of the tenants. By 

leveraging their investments in this way, these firms are able to buy higher numbers of 

properties, which makes them an especially important case to investigate.  

Much like the predatory equity practices in New York a decade ago, recent studies have 

already pointed to the possibility of abusive practices in recent years from institutional investors. 

In Atlanta, a study on corporate landlords and displacement found that larger investors, defined 

as those with over 15 single-family properties in the city, were eight percent more likely to evict 

than other landlords in single-family residences (Raymond et. al, 2016). The study also revealed 
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that areas with high levels of evictions corresponded to predominantly black neighborhoods in 

the southeast corner of the city. In a paper published in 2016, Fields et. al investigated SFR 

securitization products and found that among the first 15 securitizations ever offered, only one 

firm, Invitation Homes, included properties rented to tenants with Section 8 vouchers (Fields et. 

al, 2016). Taking Section 8 tenants as a proxy for low-income accessibility, this would suggest 

that low-income tenants may have limited accessibility to rentals owned by these landlords. 

Finally, distant investor landlords make it more difficult for tenants to hold landlords legally and 

politically accountable at the local level when they have problems with their living conditions or 

are being evicted for corrupt reasons (Fields et. al, 2016). Part of the reason for this is that 

institutions often invest through other investment vehicles such as shell companies, which can 

make it difficult for tenants to not only reach landlords to solve issues, but to determine who the 

beneficial owner truly is. This suggests that owners based out-of-state may have a higher 

likelihood to evict than tenants based in-state. 

Recent studies have begun to study the unique strategies institutional investors take to 

obtain returns on their investments: strategies that often have negative consequences for tenants. 

Mallach places distressed property investors into four broad categories: rehabbers, flippers, 

milkers and holders (Mallach, 2010). Rehabbers and flippers refer to investors who intend to 

make their return by reselling the property, with the main difference being that rehabbers are 

more focused on investing in necessary capital improvements, while flippers typically put 

minimal investment before selling the property quickly. On the other hand, milkers and holders 

do intend to hold the properties but while “milkers” extract high rents with little investment, 

allowing building conditions to deteriorate, and subsequently dump the property on the market or 

the municipality, “holders” seek profits through home price appreciation, placing more 

importance on maintenance, and may keep properties vacant until prices rise (Mallach, 2010).  

Researchers have applied Mallach’s framework to numerous case studies conducted in 

Atlanta, Boston, Las Vegas and Cleveland (Immergluck, 2013; Herbert et. al, 2013b; Mallach, 
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2013; Ford et. al, 2013). Taken holistically, these case studies show that the type of investor 

active in and the strategies used will vary based on differences in market opportunities (Fields & 

Uffer, 2016; Immergluck, 2013; Herbert et. al, 2013; Mallach, 2013; Ford et. al, 2013). In other 

words, these investors do not restrict their activities to specific regions or markets; rather, they 

employ unique strategies, as identified by Mallach, depending on the conditions of the city in 

which they operate, which suggests that their continued entry into rental markets is widespread 

(Mallack, 2013).  

Most of the literature in recent years has been focused on the impacts of changing 

ownership in the single-family rental market. Little literature, however, has focused on the 

changing landscape in the ownership of the multi-family rental market. Yet, most of the 

increases in corporate ownership in the rental space is driven by higher ownership of multi-

family rental properties of all sizes (Kolomatsky, 2017). Perhaps, part of the reason that multi-

family rental markets remain unexplored is due to the history of the financialization of the rental 

market. Following the 2008 financial crisis, institutional investors bought up large numbers of 

foreclosed single-family residences, creating large portfolios that in recent years, investors were 

able to turn into publicly traded financial instruments. While this similar phenomenon did not 

take place in the multi-family rental markets, there is evidence to suggest that the multi-family 

rental markets are also beginning to be viewed as a potential new market to be exploited for 

profit. Not only has corporate ownership of this space continuously increased, but as of the 

beginning of 2018, a new financial asset class has been created backed by multi-family rental 

income. 

On September 25, 2018 Freddie Mac priced a new $912 million offering of multifamily 

mortgage-backed securities, just over a month after it had issued $1 billion offering of the same 

type of security, on top of the $248 million bond offering backed by multi-family rental income 

from May 2018 (“Freddie Mac Prices $1 Billion”; “Freddie Mac Prices $912 Million”; “Freddie 

Mac Prices $248 Million”). At a total capital value of at $2.1 trillion, compared to the $2.5 
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trillion market of single-family residences, the multi-family rental market is an important real-

estate market that should not be ignored. 

 

Housing Stability 

Housing instability is difficult to define and even harder to measure. Frederick et. al 

defines housing stability as “the extent to which an individual’s customary access to housing of 

reasonable quality is secure” (Frederick et. al, 2014). Housing instability encompasses a number 

of challenges for residents, including trouble paying rent, overcrowding, and moving frequently 

(Frederick et. al, 2014). Though many forced moves do not leave paper trails, one quantifiable 

proxy that has been used to study housing instability is the number of eviction filings in an area 

(Raymond et. al, 2016). A study conducted by Raymond et. al in Atlanta in 2016 on the 

relationship between investors and eviction filing rates in single-family rentals found that larger 

investors are significantly more likely than small landlords to file eviction notices4. 

With the changing landscape in the ownership of these large multi-family rental 

complexes, evictions become a natural proxy for the influence of these owners on housing 

stability. The body of literature linking evictions to detrimental outcomes for individuals and 

communities is extensive. For individuals, evictions have been linked to homelessness and 

material hardship, substandard housing and increased residential instability (Burt, 2001; 

Desmond, Gershenson, and Kiviat 2015). Evictions have also been tied to higher levels of 

parenting stress, material hardship and depression in mothers, which can continue for years after 

the eviction takes place (Desmond and Kimbro, 2015). Furthermore, there is evidence that 

suggests renters who are evicted are more likely to lose their jobs due to the stressful and time-

consuming process that can lead them to miss work (Desmond & Gershenson, 2016). The 

impacts of evictions are not just felt personally, but also communally. Evidence suggests high 

                                                
4 Large investors were defined as investors that held more than 15 single-family rental properties.  
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residential turnover rates in cities can lead to a loss of social cohesion, opening communities up 

to violent crime (Morenoff, Sampson, & Raudenbush, 2001; Sampson, Raudenbush, & Earls, 

1997).  

Even when an eviction does not occur, it is detrimental to the tenant’s feeling of security 

and stability and can have long-term consequences. Eviction filings alone, regardless of whether 

they lead to an eviction, become part of the residents’ public record – in their rental or credit 

history – and can be detrimental when the tenant is forced to look for housing in the future. In 

Durham, evictions were granted in approximately 50 percent of the cases in 2017 according to an 

article in a local newspaper (Willets, 2018). Perhaps, it is even more significant when an eviction 

is ultimately not granted, because this suggests the landlord’s eviction filing was distinctly 

unwarranted, especially considering the fact that most tenants do not have lawyers. (Willets, 

2018).  

Since I am interested in the relationship between landlord’s behaviors and housing 

stability in Durham, the fact that 50 percent of eviction filings are not granted suggests that the 

eviction filing itself might be used as a bullying tactic. According to lawyers from the Durham 

Eviction Program, some landlords tell residents they do not need to show up to court, in which 

case the eviction is automatically granted (Willets, 2018). Other times, tenants simply cannot 

miss a day at work or risk being fired, so it becomes a question of whether they lose their job or 

their home. Overall, this suggests that there may be a high number of evictions that are being 

granted for unjust cause and looking at eviction filings gives us a better picture of the behaviors 

of landlords when it comes to displacing tenants. In my thesis, I use eviction filings as a proxy 

for a landlord’s direct impact on the housing instability of tenants. 



 15 

Data Section 

Data Overview 

 I focus on the multi-family rental market since 2000 due to the availability of data. 

Information before this time period is sparse and less reliable. The first dataset that is 

fundamental to my research are records from the Durham Sheriff’s Department for summary 

ejectments (eviction filings) in Durham between 2004 and 2018. The second dataset I use are 

records from the Durham Tax Administration of all parcel-level sales transactions in Durham 

between 1997 and 2018. I also rely heavily on two parcel-level shape files from the Durham Tax 

Administration. The first of these files contains geometric boundaries for all of the parcels in 

Durham. The second file contains dwelling units for almost 94% of the parcels in Durham, 

which have been recorded and updated by the Lands Records/GIS division of the Durham 

County Tax Administration. Finally, I use a census tract shapefile from 2010, which features the 

most recent estimates of different demographic variables. The datasets I work with that originate 

from the Durham Sheriff’s Police Department and Durham Tax Administration are provided to 

me in collaboration with DataWorks. All datasets and code I am allowed to publicly disclose are 

available in my Github Repository: https://github.com/DukeStatSci/thesis-sp19-buyuk-evictions. 

 My dependent variable, the eviction filings rate, comes from the summary ejectments 

records provided by the Durham’s Sheriff’s Department. Between January 2004 and December 

2018, this dataset contains 197,594 observations, indicating there have been 197,594 evictions in 

Durham across all property sizes between January 2004 and December 2018. Relevant variables 

in this dataset include the address (where the eviction filing was served), the date (when it was 

served) and the docket number (a unique identifier).  

The parcel-level sales transaction data from the Durham Tax Administration contains 

approximately 241,870 observations, indicating there have been 241,870 sales of parcels in 

Durham between January 1997 and June 2018. Important variables in this data set include the 
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parcel ID (unique identifier), the deed name (the person/entity that bought the parcel), 

information on the parcel address (where the parcel is located), the date sold (when the parcel 

was bought), and the deeded owner’s address (the address of the person/entity that bought the 

parcel).  

Table 1: Description of Raw Datasets  

Dataset Description Observations Source 

Parcel-Level 

Sales 

Transaction 

Data 

Deed information for every entity that 

bought a parcel in Durham 

241,870 Durham Tax 

Administration 

Parcel-Level 

Shapefile 

Shapefile with all geometric boundaries for 

every parcel in Durham 

116,859 Durham Tax 

Administration 

Parcel-Level 

Shapefile with 

Dwelling Units 

Shapefile with information on each rental 

property's total dwelling count  

109,545 Lands Records/GIS 

division of Durham 

Tax Administration 

Eviction Filings Information on all evictions filed in Durham 197,594 Durham Sheriff's 

Department 

Parcel File From 

2003 

Owner information for parcels in Durham in 

2003 

91,823 Durham Tax 

Administration 

 

Data Manipulation 

In this section, I provide a detailed outline of my data preparation and manipulation 

process. My analysis focuses on multi-family rental properties, so my first goal was to match 

evictions to parcels that mapped to apartment complexes. Specifically, I was interested in the 

evictions that fell within the geometric boundaries of apartment complexes. My first step was to 

subset my parcel-level sales transaction data to only contain the land use codes of multi-family 

dwellings. Thus, I filtered my Durham Tax Sales data to only include parcels with the following 

land use codes: “COM/ APARTMENT-DWG CONV”, “COM/ APARTMENT-GARDEN”, 

“COM/ APARTMENT-GARDEN S42”, “COM/ APARTMENT-HIGH RISE”, “RES/ 

MULTIPLE DWG’s”, “COM/ LIVING ACCOMM”, and “COM/ LIVING ACCOMN S42”. 
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This left me with 2,154 observations, indicating there had been 2,154 transactions in multi-

family dwellings since 1997. 

My next step was to add the total dwelling units for each parcel, so that I could determine 

eviction rates. I first filtered my parcel-level shapefile so that it only contained the unique parcels 

that were in my subset multi-family sales transactions data set. Next, I used a left join to join the 

parcel-level shapefile with the parcel-level shapefile that contained the dwelling unit information 

for each parcel, matching on parcel ID. The reason I did not simply use the latter file to begin 

with was because the former was more comprehensive. The latter did not have information on 

every single parcel in Durham. 

After this matching process, I was able to successfully retrieve dwelling unit counts for 

689 of the 763 total multi-family parcels in Durham. There remained 18 parcels that did not have 

dwelling unit counts, 16 parcels that had a dwelling unit count of 0, and 40 parcels that had a 

dwelling unit count of 1, which was suspect since I had filtered for multi-family dwellings. For 

each of these 74 parcels, I researched and retrieved the apartment unit counts using a number of 

sources, including the Durham Tax Administration’s public website. I have documented how I 

retrieved the unit counts for each dwelling or the reasoning for why the parcel has been excluded 

in my research in my GitHub repository file, “missing_sum_du.csv.” At the end of this stage, I 

had a file that contained the dwelling units for each parcel in my sales transaction data.  

Next, I needed to clean and geocode my evictions data. First, I determined a spatial point 

for each of my evictions, so that I could establish which parcel boundary the eviction fell into. 

To do this, I used Google’s geocoding API service to convert each address into geographic 

coordinates. My next step was to match these evictions to my multi-family parcels. I transformed 

my parcel-level shapefile and my evictions data into spatial objects with the same coordinate 

reference system. Then, I merged the two datasets. Each eviction would map to a multi-family 

dwelling if the coordinates of the eviction intersected with any area of the multi-family dwelling 

in the parcel file.  
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In this new merged dataset, each eviction was an observation. If the eviction occurred 

within a multi-family parcel’s boundary, the row in the merged dataset would contain 

information on the parcel ID and unique PIN of the parcel that the eviction occurred in. Evictions 

that did not fall into a parcel’s boundary meant that the eviction had not occurred in a multi-

family dwelling, because they did not match anything in the multi-family parcel file. Thus, if the 

eviction did not match to a parcel ID and unique PIN, there would be an “NA” in that field, 

indicating that the eviction occurred in a different type of dwelling. In order to focus my analysis 

on the evictions that occurred at multi-family dwelling units, I simply subset my dataset to rows 

that did not have an NA in the parcel ID column.  

At this point, I came across an issue with the data that I needed to fix. After I joined the 

two datasets, I ended up with more rows of evictions than I had started with. It did not make 

sense to end up with more evictions after merging the evictions dataset with the parcel-file 

dataset. Further investigation revealed that this would occur because there were multiple units on 

a property that shared the same parcel ID. The evictions were double counted in these cases 

because the eviction would match to two different units on the same parcel, and thus create an 

extra row. 

I noticed that for the evictions that were being counted twice, the PIN for the eviction’s 

second entry had four extra characters added to it. Thus, in order to make sure evictions were not 

being double counted, I made any PIN that was not exactly 15 characters into an “NA”. From 

here, I could filter my data set to contain only rows where there was no “NA” under the PIN. I 

also subset my data to only include evictions after 2004, since there was a concern about missing 

data in 2003 and prior. I was left with 39,173 observations, where each row in the dataset 

represented an eviction that occurred in a multi-family complex, and the parcel ID of that 

property.  

At this point, I was interested in matching each eviction to the owner of the parcel at the 

time eviction occurred. First, I needed to identify the date the eviction occurred. There were 
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15,759 cases (40 percent of the data) where the “Dateissued” variable for the eviction was 

missing. However, the “Statusdate” variable, which was the date the eviction was brought up in 

court, had no missing information. The average difference between the date issued and the status 

date variable was 6.4 days, and it was reasonable to assume that the date the eviction was 

brought to court was still under the same owner as the date the eviction was issued, so I chose to 

use the “Statusdate” variable as a proxy for the date the eviction occurred. 

Next, I needed to identify a start and end date for each owner, so that I could match an 

eviction to an owner based on whether the eviction date fell between the start and end date of the 

owner at the same parcel. The start date was simply equal to the date the owner bought the 

parcel, or “date sold”. The end date, then, was equal to the date the parcel was sold to another 

owner. If no such date existed, this implied the listed owner was still the current owner. Thus, I 

set the end date equal to when the dataset was last updated: December 31, 2018. I then merged 

my evictions data with my new dataset of owners from my parcel sales transaction data, so that 

each eviction mapped to an owner based on the date it had occurred. 

Through this process, there were a number of imperfect data issues that I needed to make 

a decision about how to handle, and I outline them here. First, there were 380 cases where the 

parcel would trace to two or more owners that appeared to buy the same parcel on the same date. 

I reached out to the Durham Tax Administration about this and they sent over a new parcel-level 

sales transaction dataset with a deed page for each transaction, letting me know that the 

beneficial owner of that property would be the owner on the last deed page. Thus, I subset my 

data so as to only have the beneficial owner appear as a buyer for that property on that day.   

Secondly, after joining my evictions data with my owner data, 5% of the evictions 

originally did not match an owner. This occurred because if an owner had purchased a property 

before 1997, they were not included in the parcel-level sales transaction data, and therefore the 

evictions had no owner to match. In order to find the beneficial owner of the property in these 

cases, I acquired a historical parcel file from 2003 from DataWorks, which had the current owner 
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listed at the time. It was reasonable to assume that the owner had owned this property since 2000 

because there were no transactions stating otherwise.  

After adjusting for this, there were still evictions that were not matching to parcels or 

owners. I looked up each of these parcels, spatially, and realized that since 2003, certain parcel 

names had changed so that there was a new parcel ID and an old parcel ID. This usually occurred 

if the parcel had split into two units or joined together. Thus, I coded in a crossover so that all of 

my datasets would refer to same parcel with the same parcel ID and deleted any duplicates that 

had been created from the old data set. 

Finally, I noticed cases in my dataset where a parcel would get transferred from what 

appeared to be one owner to another in the span of a couple weeks, usually more than once. After 

I had traced each of these owners back to a specific entity, I found that in 131 of the cases, this 

was actually the same owner transferring the property across different shell company names. I 

decided that if the start date of one entity I had traced was equal to the end date of the same 

entity, these should not be considered two different transactions. Thus, if this was the case, I 

considered them to be the same exact transaction and deleted the duplicates. 

After my data cleaning and data manipulation process, I ended up with 2,166 

observations in my parcel-level sales data, signaling there had been 2,166 different owners of 

multi-family rental properties since 2000, and there were 39,153 evictions at these properties 

between 2004 and 2018. 

 

Owner Type Identification 

 As previously mentioned, I traced every owner in the parcel-level sales transaction 

dataset back to its original entity, if one existed, and also coded various other characteristics of 

each owner. It is important to note that this was a meticulous hand-coding process, and so its 

degree of error is difficult to estimate. Because I did it alone, one error term that is often present 
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with hand-coding – variability between coders – is not relevant here. Table 2 below provides 

insight into all of the different variables I encoded:  

 

Table 2: Landlord Characteristics  

Identifier Explanation 

RHFS Classification The Rental Housing Finance Survey separates investors into 

individuals and non-individuals, and further distinguishes between 

non-individuals as: Individual Investors, trustee for estate, LLP, LP, or 

LLC, tenant in common, general partnership, REIT, real estate 

corporation (I exchange this with business corporate), housing 

cooperative, non-profit organization and other, and I add investment 

firm, REIT and private equity firm. 

Corporate/Other/Individual/Unclear An indication of whether the owner is a corporate owner (LLP, LP, or 

LLC, business corporation, investment firm, REIT or private equity 

firm); other (Non-Profit Corporation, bank, GSE, trustee of estate or 

estate, Durham Housing Authority); Individual (Individual under Deed 

name); Unclear (unclear or missing, owner cannot be located or 

verified externally) based on my RHFS classification. 

Umbrella Name The name of the entity that the deed name traces back to, whether or 

not it is the same as the deed name listed.  

Out-of-State An indication of whether the owner's mailing address is outside of 

North Carolina. 

15+ Dwellings Under Same 

Ownership 

An indication of whether the owner owns over 15 rental properties. 

Rental Property Size The Rental Housing Finance Survey separates the size of multi-family 

rental properties into tiny (2-4 units), small (5-24 units), medium (25-

49 units) and large (50+ units). 

 

I begin with a classification of the entity based on the Rental Housing Finance Survey’s 

classifications. I add investment firm, REIT and private equity firm as more nuanced 

classifications to the list, as well. I define “Corporate” as any entity that is classified by 

Bloomberg or Manta as a business corporation, financial institution (i.e. an investment firm or 

private equity firm), a real-estate corporation, REIT, or LLP, LP or LLC. I do not include non-

profit corporations, banks, government sponsored enterprises, public housing agencies or trustees 
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of estates. One important limitation with my corporate indicator is the difficulty in disentangling 

the true ownership properties of an LLC, LP or LLP. It is unclear from this demarcation whether 

the entity traces back to one individual or a large institution. This is an important limitation of 

the dataset since a primary goal of my thesis is to compare individuals to large corporate 

institutional owners. I conduct the same analysis excluding these owners and find no 

significantly different results. However, if there was an interest in separating these entities 

further, a rigorous hand-coding process would need to be used.  

In order to find information about each entity and trace each entity back to its “Umbrella 

Name”, I used a systematic approach to research each owner in the parcel-level sales transaction 

dataset. I began by looking up the deed name of the owner in the North Carolina Corporations 

website (sosnc.gov). Often times, the deed name would be listed in the North Carolina 

Corporations website and there would be a mailing address different from the one in the parcel-

level sales transaction dataset. This mailing address would often be outside of North Carolina 

and googling the mailing address would help trace the shell company name back to a larger 

entity. 

If the deed name was not listed in the North Carolina Corporations website (less than 10 

percent of the time), I googled the deed name and the addresses under the deed address columns 

in the dataset. If these also did not trace back to any clear entity, I then looked to see if the 

owner’s deed name or address existed anywhere else in the dataset to see if there was more 

information provided elsewhere. If all of these methods failed, I labelled this owner as Unclear. 

Otherwise, I would follow my research to verify what entity the listed owner actually traced back 

to. I mainly relied on Bloomberg, Manta, and LinkedIn to verify my research. I kept tract of 

every source I found my information on, as well as an explanation of how I ultimately arrived at 

the umbrella entity.  

As part of my encodings, I included an indicator for whether the entity is based out of 

state or in-state. I also included an indicator for whether the entity owns more than 15 properties. 
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The motivation behind each of these was to examine the phenomenon of the “distanced” 

landlord, as discussed in my Literary Review. Finally, I also included a classification for the 

rental property’s size based on the Rental Housing Finance Survey.  

At this point, it was possible to do various different analyses with the data. I present 

summary statistics on all multi-family properties and total evictions that they are accountable for 

in Table 3 below. As we can see from this table, while the largest (50+) units only represent 7.5 

percent of all properties, 76% of all evictions filed occurred by owners of these units. 

 

Table 3: Summary Statistics on Multi-Family Rental Properties 

Rental Property Size Total # Of 

Properties 

Mean # of 

Dwelling 

Units 

Median # Of 

Dwelling 

Units 

Proportion of 

All Multi-

Family 

Dwellings 

Total # Of 

Evictions 

Between 2004 

and 2018 

Tiny (2-4 Units) 443 3.3 4 58.3 percent 4,250 

Small (5-24 Units) 204 11.6 10 26.9 percent 3,226 

Medium (25-49 Units) 55 36.2 36 7.2 percent 1,900 

Large (50+ Units) 57 141.2 118 7.5 percent 29,797 

 

Evictions in Durham 

Corporates and individual owners are responsible for at least 34,125 evictions, or 87% of 

all evictions between 2004 and 2018 in multi-family dwellings. In Figure 1, I present the changes 

in average eviction rates across multi-family properties in Durham since 2004. Each data point is 

calculated by summing up all of the evictions that occurred in that property size that year in 

Durham and dividing by the total number of dwelling units in Durham in that property size 

group.  

First, it is evident that year is intimately related with eviction filing rates. Across all 

property sizes, we clearly see the elevated rates of eviction filings in the years leading up to the 

financial crisis, and the precipitous drop in eviction filing rates after 2009. We also see that these 
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eviction rates vary quite drastically across different dwelling unit sizes, and the distributions of 

the eviction rates across time is also varied. Specifically, in the largest dwelling units, the max 

average eviction rate is around 3.5 percent, whereas in the tiniest dwelling units, the max average 

eviction rate reaches 10 percent.  

Furthermore, in the largest dwelling unit sizes, we see that eviction rates gradually 

increased between 2004 and 2008, and eventually peaked in 2010, whereas in other property 

sizes, the eviction rate actually stayed near the same level between 2004 and 2009. Finally, in the 

past 2 years, eviction rates have increased across all property sizes, but not in quite the same 

way. For example, relative to historical rates, the average eviction rate has spiked more 

dramatically in larger property units. This suggests that different trends are present in different 

property sizes, so while it may not be necessary to separate medium and small properties in my 

analysis, it would make sense to treat large and tiny properties differently. 

 

Figure 1: Eviction Rates Across Different Property Sizes in Durham Between 2004 and 2018  
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 In Figure 2, I look at how eviction rates differ across racial and economic variables. 

Specifically, I calculate the average eviction rate by tract using the total number of evictions 

between 2004 and 2018 and dividing by the total number of multi-family dwellings in each tract, 

then scaling to get a yearly average eviction rate. I find that the higher the percentage of African 

American residents and Hispanic residents in a tract, the higher the average eviction rate is. I also 

find that the eviction rate is slightly higher in more impoverished neighborhoods. Finally, the 

higher the percentage of white residents in a tract, the lower the average eviction rate is on 

average across tracts. It becomes clear through these graphs that demographics and eviction rates 

are highly correlated in Durham. 

Figure 2: The Impact of Eviction Rates on Different Demographics

 

 

Ownership Changes in Durham 

I begin by looking at ownership of properties over time. Table 4 presents the total number 

of properties and dwelling units owned by each type of owner in each property size between 

1997 and 2018. The results suggest that corporates own the largest number of units in Durham, 
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mainly concentrated in their ownership of the largest properties. Also, individuals are the main 

owners of the smallest property sizes, as we may have expected. 

Table 4: Summary Statistics on Multi-Family Property Ownership 

Owner Type Property Size (Units) Total Properties Owned 

Total Dwelling Units 

Owned 

Corporate Tiny (2-4) 310 1,044 

Corporate Small (5-24) 172 2,246 

Corporate Medium (25-49) 72 2,716 

Corporate Large (50+) 388 88,886 

Individual Tiny (2-4) 752 2,402 

Individual Small (5-24) 109 1,101 

Individual Medium (25-49) 22 789 

Individual Large (50+) 30 5,247 

Other Tiny (2-4) 147 453 

Other Small (5-24) 50 645 

Other Medium (25-49) 28 1,055 

Other Large (50+) 20 3,613 

Unclear Tiny (2-4) 19 56 

Unclear Small (5-24) 10 99 

Unclear Medium (25-49) 2 68 

Unclear Large (50+) 35 8,126 
 

Next, I look at how the ownership of rental properties in Durham have changed since 

2000 across different property sizes. In Figure 3, we can see that since 2000, the proportion of 

properties under corporate ownership has increased across all property sizes.  Specifically, in 

small and medium sized dwelling units, the proportion of properties under corporate ownership 

has flipped from being a minority (~40 percent) to a majority (between 62-72 percent) of 

ownership share. In the largest units, corporate ownership has increased from around 75 percent 

to 90 percent of all properties, and even in the tiniest units, we have seen corporate ownership 

increase slightly from around 30 percent to 35 percent ownership share.  
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Figure 3: Proportion of Properties Under Corporate Ownership Across Different Property Sizes 

 

Next, I look to see how ownership amongst corporate owners has changed: specifically, I 

am interested to see if more owners are based out-of-state. In Figure 4, we can see that the 

proportion of properties under corporate ownership that are based out-of-state has increased 

across all property sizes other than the smallest units, where it has stayed the same. In the largest 

property size, the proportion of properties owned by out-of-state corporates has risen from 

around 62 percent in 2000 to 80 percent in 2018. In the small and medium property sizes, out-of-

state ownership has more than doubled from around 10 – 15 percent in 2000 to around 30 – 40 

percent by 2018. 
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Figure 4: Proportion of Corporate Ownership Based Out-of-State   

 

Overall, there is concrete evidence that the composition of multi-family landlords in 

Durham has changed.  In both of these graphs, we can see that the most drastic changes in 

ownership are occurring in the small and medium sized property units, though almost all 

property sizes are impacted in some way. In the next section, I consider the effect of these new 

owners on the housing stability of tenants. 
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Theoretical Framework 

 The concept of “financialization” has been used to describe the process of the financial 

markets and sector coming to “occupy a dominant or quasi-dominant position in countries such 

as the US” (French et. al, 2011). In the past two decades, these actors have become more active 

in the real-estate space, which is the focus of my thesis. In most real product markets, such as the 

real-estate market, growth and profits that have historically been considered “achievable” have 

been in the mid-to-high single-digits (Fields, 2015). Lower expectations for returns create a 

lower stake market that encourages more long-term ownership (Fields, 2015). In contrast, the 

expectations of capital markets are often for double-digit returns (French et. al, 2011). This 

represents a fundamental discrepancy between the motivations and expectations of financial 

institutions and the hallmark historical “mom and pop” landlord in the real-estate space (Fields, 

2015; French et. al, 2011).  

Indeed, case studies have shown that corporate landlords, specifically private equity firms 

and real-estate investment trusts, often have higher incentives to make high returns (Fields, 2015; 

Mallach, 2013). These institutional investors have used aggressive tactics in order to obtain those 

higher returns in the past (Fields, 2015). 

Despite this, there is currently little academic literature that examines the relationship 

between landlords and housing stability in the present-day. One particularly important work of 

literature that is a pioneer in this field is a paper by Raymond et. al published in 2016, which 

investigates the relationships between large corporate landlords and eviction filings in single-

family residences. This study finds that large corporate landlords, defined as entities that own 

more than 15 single-family rental homes in the Atlanta market, are 8 percent more likely than 

small landlords to file eviction notices (Raymond et. al, 2016). This is the first paper that 

attempts to directly explore the relationship between corporate ownership and evictions (which it 

uses as a proxy for housing instability).  
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Anecdotal evidence has also suggested that tenants do not always know who their 

landlord is when renting from corporations, making it nearly impossible for them to try to 

negotiate their situation. This detached relationship can lead to further housing instability for 

residents (Burns, 2018).  

  Based on the limited theory that exists, I expect corporate institutions to evict at higher 

rates than individual landlords do during transactions. I also expect out-of-state corporations, 

specifically, to file evictions against tenants at a higher rate than in-state corporations. Finally, I 

expect larger investors of multi-family properties in the Durham market to evict at higher rates 

than smaller investors.  
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Empirical Specifications 

I am interested in the changes in the likelihood of an eviction filing based on a change in 

ownership at a parcel, so I use a regression discontinuity to model this problem. Specifically, I 

am interested in whether the eviction rates in the post-transaction period are significantly 

different than rates in the pre-transaction period for various types of ownership changes. As 

shown in Figure 5, I consider the transaction to occur at time, t = 0, eviction rates in the pre-

period to occur at time, t < 0 and eviction rates in the post-period to occur at time, t > 0.  

 

Figure 5: Regression Discontinuity Problem 

 

I subset my data to only contain transactions between the owner types that I am 

comparing. For example, if I am comparing the eviction rates of corporates and individuals, I 

subset my data so that it only contains transactions between corporates and corporates, 

individuals and individuals and corporates and individuals. Furthermore, I look at transaction 

windows between 1 and 12 months to test the robustness of my results. For example, a 

transaction window of 6 months implies that I am considering eviction rates 6 months before and 

6 months after the transaction date. I choose 12 months as my upper bound because I want to 

specifically examine the impacts of the ownership change, and since leases of tenants usually last 

a year, I would expect that if an owner was going to evict the tenant, they would evict them at 

most within a given year. Otherwise, the owner could simply not renew the tenant’s lease.   
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I model eviction rates in parcels using a binomial distribution. Specifically, I consider the 

probability of an eviction occurring at a single dwelling unit in a single month to be a Bernoulli 

Trial where an eviction can either occur or not occur. Since I do not have information at the 

dwelling unit level but rather at the parcel level, I aggregate up to the property level using the 

number of units in the property. The eviction rate at the parcel-level, therefore, can be modeled 

by a binomial distribution: 

𝑃#(𝑥	|𝑁) = +𝑁𝑥,𝑝
.(1 − 𝑝)(12.). 

Specifically, “x” represents the total number of evictions that occur in a given month in a 

parcel with “N” dwelling units, where the probability of an eviction is given by probability “p”.  

Here, I assume that in a given month, there can only be one eviction in a dwelling unit 

and that an eviction in one dwelling unit is independent of an eviction in any other dwelling unit 

in that property. This independence assumption is not completely satisfied. For example, 

consider a small multi-family rental, such as a duplex. The owner of the duplex could be 

influenced in his/her decision to evict a tenant if he/she has just evicted another tenant, especially 

if the owner’s livelihood depends on the rental income from the two properties. Furthermore, an 

eviction in a given dwelling could technically occur more than one time in a given month, 

though this is incredibly unlikely and never the case in my data. It is sensible to assume this 

would never occur. 

My final model includes the categorical variables of “Ownership Type” and “Period,” 

which are factor variables that are either a 1 or 0. The ownership type specifies the ownership 

characteristic I am comparing (i.e. corporate owner = 1 and individual owner = 0). The period 

specifies whether that owner was owning the property in the pre or post transaction period (i.e. 

post = 1, pre = 0).  

I also include a fixed effect on “Year” in my model. As shown in my data section, the 

year is intimately connected to the eviction rate, and therefore, I must control for it. Similarly, 
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the percentage of residents that are African American in a tract is also highly correlated with the 

given eviction rate, and I want to control for the influence of race. I look to see which tract the 

parcel falls in and I assign the parcel the percentage of African American residents that live in 

the tract. Applying the same framework, I also include average household income for the tract 

the parcel falls in, since this also has a slightly negative correlation with the eviction rate in a 

given tract. I consider these predictors to be numeric variables. I present my final model below:  

 

Yi = Binom (Pi,Np(i)) 

logit (Pi) = B0 + B11(Owner = Type 1) + B21(Period = Post) +  

B31(Owner = Type 1) * 1(Period = Post) +  

B4 (Percent African American in Tract) + B5(Mean Household Income in Tract) + 

∑ B567819
56788: y1(Year = y) 

 

where i = transaction and Type 1 = one of two levels of ownership characteristic 

compared 
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Results 

Eviction Rates of Corporate Compared to Individual Landlords 

I begin with an investigation of whether the eviction filing rates of corporate versus 

individual owners vary significantly surrounding a transaction. Because I use a binomial 

distribution, I convert the exponents of the coefficients of my regression into Odds Ratios 

representing the likelihood of eviction as compared to a baseline. Here, the baseline of “1” 

represents an individual’s likelihood of filing an eviction in the pre-transaction period. I present 

summary statistics of my findings below, and the full regression results can be found in 

Appendix A, Table A1. 

Table 5: Summary Statistics for Owner Type 1 = Corporate v. Individual (6-Month Window) 

   Odds Ratio CI Lower CI Upper Betas 

Corporate, Pre / 

Individual, Pre 0.25 0.22 0.27 exp(B1) 

Individual, Post / 

Individual, Pre 1.06 0.93 1.20 exp(B2) 

Corporate, Post / 

Individual, Pre 0.27 0.18 0.40 exp(B1 + B2 +B3) 

% African American In 

Tract 9.91 8.24 11.923 exp(B4) 

Average Household 

Income  
0.999952 0.999912 0.999992 exp(B5) 

 

Table 5 presents summary statistics for Betas 1 through 5. Specifically, Betas 1, 3, 4 and 

5 are statistically significant and Betas 1, 3 and 4 can be deemed practically significant. We can 

interpret the first row in Table 5 as follows: The likelihood of a corporate evicting a tenant in the 

pre-transaction period is 0.25x a likely as an individual evicting a tenant in the pre-transaction 

period, with a confidence interval between 0.22 and 0.27, which is statistically significant 

because it does not include 1. In other words, an individual is 4x as likely to evict a tenant than a 

corporate is in the pre-transaction period. Furthermore, a corporate is 0.27x as likely to evict a 
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tenant in the post-transaction period as an individual is in the pre-transaction period. Thus, the 

likelihood of a corporate filing for eviction against a tenant in both the post and pre-transaction 

period is lower than an individual’s likelihood of filing for eviction in the pre-transaction period. 

This finding is statistically significant.  

We can also see that the higher the percentage of African American residents in a tract, 

the higher the likelihood of eviction. The magnitude of the coefficient on this variable suggests 

that the likelihood of an eviction is highly related to a higher percentage of African American 

residents. Lastly, while household income is statistically significant and suggests that poorer 

neighbors have a higher likelihood of experiencing eviction, it is not a practically significant 

predictor. 

Next, I conduct a sensitivity analysis considering different transaction windows (Figure 

6). I find that overall, there is not a significant difference in the log-odds of the coefficients over 

time. Most importantly, we can see that the coefficient on the corporate owner is significantly 

below “1” across all periods, suggesting that the likelihood of an eviction by a corporate is 

consistently lower than the likelihood of eviction by an individual. 

Figure 6: Sensitivity Analysis: Considering Different Transaction Windows 
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I also check the robustness of this result by excluding LLP, LP and LLCs since it is not 

always clear whether these observations trace to individuals or corporates. In this model, the 

results also suggest that individuals are more likely to evict than corporates. A full output of the 

regression is presented in Appendix A, Table A7.  

Finally, in Figure 7, we see that the fixed effect, Year, is meaningful. As expected, in the 

years of the financial crisis, we see higher likelihoods of eviction than we do in other years. 

Furthermore, we see that in 2018, specifically, the likelihood of an eviction has risen again.  

Figure 7: Fixed Effect: Year 

  

I also check the robustness of these results across different property sizes. As seen in 

Figure 1 in my data section, the range of average eviction rates differs across property sizes: 

specifically, the tiniest properties boast the largest range in eviction rates while the largest 

properties boast the smallest range. As seen in Figure 3 in my data section, corporates own the 

largest properties while individuals own the smallest properties. Thus, I worry it may be the case 
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that corporates seem more likely to evict simply because they own higher proportions of 

properties with smaller eviction rates. 

To determine the robustness of the results, I fit the model for large, medium and small, 

and tiny dwelling unit property sizes, separately. I consider my medium and small property sizes 

together since the ranges of eviction rates for these two property sizes are comparable. I present 

the summary statistics of my findings for the log-odds of the corporate categorical variable 

below, and a full summary of each of the regression results are presented in Appendix A, Tables 

A2 – A6.  

Table 6: Corporate Coefficients Across Property Sizes  

Property Size Odds Ratio for Corporate Owner Confidence Interval 
Tiny (2-4 Units) 0.65 0.50 – 0.84 

Small and Medium (5-49 Units) 0.61 0.48 – 0.78 

Large (50+ Units) 2.02 1.30 – 3.13 

  

 As we can see from Table 6, for smaller property sizes, corporate owners still appear to 

have a tendency to evict less. Specifically, in the first two rows, we find that corporate owners 

are 0.65x and 0.61x as likely to evict than individual owners in the pre-transaction period. 

However, in the largest units, we actually see a different story unfolding: corporates are twice as 

likely to evict tenants than individual landlords are. These results are statistically significant.  

 

Eviction Rates of Out-Of-State Corporate Compared to In-State Corporate Landlords 

Next, I investigate whether the eviction filing rates of out-of-state versus in-state 

corporate owners vary significantly surrounding a transaction. I present the odds ratios below. 

My complete regression results are presented in Appendix B, Table B1. 
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Table 7: Summary Statistics for Owner Type 1 =  Out-of-State v. In-State (9-Month Window) 

   Odds Ratio CI Lower CI Upper Betas 

Out-of-State, Pre / 

In-State, Pre 
0.58 0.52 0.66 exp(B1) 

In-State, Post / In-

State, Pre 
0.97 0.83 1.12 exp(B2) 

Out-of-State, Post / 

In-State, Pre 
0.68 0.43 1.09 exp(B1 + B2 +B3) 

% African American 8.63 6.80 10.95 
exp(B4) 

Average Household 

Income  
1.000098 1.000052 1.000144 exp(B5) 

 

Table 7 presents summary statistics for Betas 1 through 5. Specifically, Betas 1, 3, 4 and 

5 are statistically significant while Betas 1, 3 and 4 can be deemed practically significant. The 

baseline, or likelihood of “1” is the in-state corporation’s likelihood of evicting a tenant in the 

pre-transaction period. According to Table 7, the likelihood of an out-of-state corporate filing for 

eviction against a tenant in both the post and pre-transaction period is lower than an in-state 

corporate’s likelihood in the pre-transaction period. Specifically, the likelihood of an out-of-state 

corporation filing for eviction in the pre-transaction period is 0.58x the likelihood of an in-state 

corporation filing for eviction. In other words, an in-state corporation is more likely to file for 

eviction.  

Similar to the first regression, the coefficient on the Percentage African American 

variable is large and positive, while the average household income variable, while statistically 

significant, is not practically meaningful. Based on the sensitivity analysis across transaction 

windows (see Figure 8 on next page), we can see that the coefficient on the corporate owner is 

significantly below “1” across all periods again, suggesting that this finding is robust. Because 

the confidence intervals of the other coefficients include 1, we cannot argue that owners evict 

more in either the pre or post period of a transaction. 
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Figure 8: Sensitivity Analysis: Considering Different Transaction Windows 

 

Figure 9: Fixed Effect: Year 
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Furthermore, from Figure 9, we see that the year is again important. With Year = 2004 as 

the baseline, we can see that eviction filings were twice as likely in 2008 than they were in 

almost all other years. 

To test for robustness, I fit the model for large, medium and small, and tiny dwelling unit 

property sizes once more. I present the summary statistics of my findings for the coefficient of 

the out-of-state categorical variable below, and a full summary of each of the regression results 

are presented in Appendix B, Tables B2 – B6.  

Table 8: Out-Of-State Coefficients Across Property Sizes  

Property Size Odds Ratio for Out-Of-State Owner Confidence Interval 
Tiny (2-4 Units) 2.09 1.14 – 3.84 

Small and Medium (5-49 Units) 0.60 0.41 – 0.88 

Large (50+ Units) 0.83 0.71 – 0.97 

 

According to Table 8, the likelihood of an eviction by an out-of-state corporate is less 

likely than an eviction by a corporate based in-state in larger property units. The only property 

size in which out-of-state owners are more likely to evict are in the tiniest units. In this case, out-

of-state owners are twice as likely to evict tenants than in-state owners are. Again, this finding 

suggests that we should treat different sizes of multi-family properties as their own subset, since 

different trends persist across different property sizes. 

 

Eviction Rates of Large Investors Compared to Small Investors 

Finally, I investigate whether the eviction filing rates of larger investors are different 

from the eviction filing rates of small investors amongst both corporate landlords and 

individuals. This analysis is possible since I have traced back each owner to its Umbrella entity. 

Without that critical step, I would mislabel many large investor-owners as small investor-owners. 

I originally define large investors as any investor with more than 15 multi-family properties, 
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following the definition that Raymond et. al, 2016 applies in their paper. I present the odds ratios 

below. My complete regression results are presented in Appendix C, Table C1. 

  

Table 9: Summary Statistics for Owner Type 1 = Large (15+ Propertes) versus Small Investor (6-

Month Window) 

   Odds Ratio CI Lower CI Upper Betas 

Large Investor, Pre / 

Small Investor, Pre 
3.06 2.48 3.77 exp(B1) 

Small Investor, Post / 

Small Investor, Pre 
1.05 0.97 1.12 exp(B2) 

Large Investor, Post / 

Small Investor, Pre 
2.45 1.34 4.48 exp(B1 + B2 +B3) 

% African American 16.76 13.95 20.13 
exp(B4) 

Average Household 

Income  
1.00 1.00 1.00 exp(B5) 

 

As we can see from Table 9, large investors, defined as corporates or individuals holding 

more than 15 multi-family properties in Durham, have a higher likelihood of evicting tenants 

than smaller investors in the pre-transaction period. In the pre-transaction period, large investors 

are 3.06x as likely to evict and in the post-transaction period, large investors are 2.45x as likely 

to evict as small investors are in the pre-transaction period. There is no statistically significant 

evidence to suggest that small investors have different eviction rates in the pre and post 

transaction periods. 

I consider the robustness of this result across different cutoff sizes for a large investor. I 

start with a lower bound set at ownership of 10 properties. As seen in Figure 10 below, my 

findings are robust across all different investor size cut-offs. I also consider the robustness of 

these results across different transaction windows, and again find that the coefficient on the large 

investor is robust (Figure 11). I do not consider different property sizes in this case since I 
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calculate investor size by the total number of multi-family complexes owned by an entity, so 

divvying up by property size does not make sense for this analysis. 

 

Figure 10: Sensitivity Analysis: Considering Different Cut-offs for Large Investor 

 

 

Figure 11: Sensitivity Analysis: Considering Different Transaction Windows 
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Discussion of Results and Further Research 

Overall, I find that the proportion of multi-family dwellings owned by institutional 

investors have increased in Durham across all property sizes since 2000, which is consistent with 

the current literature. I also find that amongst corporate owners, specifically, the proportion of 

owners based out-of-state has increased. Evidently, corporate and out-of-state landlords are 

becoming the dominant owners of multi-family rental complexes in Durham.  

Understanding the changes in the ownership make-up of Durham’s multi-family rental 

market is an important contribution of my thesis. No previous work has attempted to understand 

how the players in the real-estate market are changing at the corporate and individual level or 

considered the owner’s location to be significant. My thesis presents evidence of a marked trend 

across different property sizes. Using the methodology outlined in this paper, I would 

recommend that future research attempts to conduct similar analyses to understand the structural 

changes across our nation’s real-estate markets. I also recommend that in research conducted on 

the multi-family sector, different property sizes be analyzed differently, since trends in both 

ownership and eviction rates vary significantly across property sizes.  

In my research, I find that corporates are less likely to evict than individual landlords are. 

This finding goes against initial expectations and suggests that individual landlords are more 

intimately tied to housing instability. However, as discussed in the Literature Review, eviction 

filings are only one factor that may lead to a tenant’s displacement. There are countless examples 

of corporations utilizing tactics such as rent hikes and deteriorating living conditions in other 

rental markets (Abood, 2018; Fields, 2015). On the flip side, informal evictions, such as forcing 

a tenant to leave through brute force with no legal justification, may be prevalent among 

individual landlords (Desmond, 2017). Thus, it is impossible to make any definitive conclusions 

relating landlord type to housing instability through this research alone. Still, this research does 
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suggest that in smaller property sizes, individuals utilize eviction filings at higher rates, while in 

the largest property size, corporates tend to file evictions at higher rates. 

I also find that overall, investors based out-of-state are less likely to evict than in-state 

owners are. This suggests that the phenomenon of the distanced investor5 as discussed in my 

Literature Review may not necessarily be relevant to Durham. We cannot definitively say that 

individuals and local corporate owners contribute more or less to housing instability, but we can 

consider potential reasons that explain differences in eviction filing rates. One reason may be 

that in the Durham rental market, the livelihoods of individual owners and local corporates are 

more directly tied to the rental income from their tenants. Thus, these landlords may not have the 

flexibility and band-with that larger landlords do. 

Yet, I also find that investors who own more than 15 multi-family properties in Durham, 

which I consider to be “large” investors, are more likely to evict tenants than smaller investors 

are when considering both corporate landlords and individuals. The explanation that larger 

investors are more flexible, and therefore evict at lower rates, is not quite adequate. This finding 

suggests that perhaps, we must pay more attention to consolidation by a few landlords no matter 

what type of entity they are, as landlords with a larger consolidation of units seem to be more 

likely to evict. This finding is consistent with the finding by Raymond et. al in their 2016 case 

study on Atlanta that larger investors in the single-family rental market, defined as investors that 

hold more than 15 single-family rental units, evict at higher rates (Raymond et. al, 2016). 

One limitation of my thesis is that it does not consider other potentially important 

predictors that would give idiosyncratic insight at the property-level. For example, it would be 

helpful to have information on rents across these units. Unfortunately, this data was not possible 

to retrieve for the purposes of this research. Similarly, property taxes or improvement values 

would be another important variable in understanding potential landlord behavior and 

                                                
5 The distanced investor is a case where it is not completely clear who the landlord is, and tenants perceive some 
difficulty in reaching their landlord to discuss their personal situation. 
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motivation. In future research, looking at building permits or other property value assessments 

may yield important insight into investor strategy, which could be analyzed quantitatively using 

Mallach’s framework (Mallach, 2010). 

There is much more work to be done to understand the true causes of housing instability 

in Durham County. As property values and rents continue to rise, the types of residents who can 

afford to live in the city of Durham will change. Poorer residents who can no longer afford the 

rising rents will have to move. This type of phenomenon exists outside the confines of formal 

eviction processes but is just as significant in the creation of housing instability.   

This research should be extended to other communities to understand changes in other 

real-estate markets. Most importantly, similar analyses between the relationship of landlords and 

housing instability should be conducted in other areas with high rates of displacement. Moving 

forward, researchers must think creatively about potential proxies to measure displacement. 

More qualitative investigation may be helpful into factors such as the living conditions of 

properties under different types of ownership. Finally, more nuanced research must be conducted 

to determine whether certain biases exist in the rental space that lead to the higher eviction rates 

amongst low-income and minority groups.  
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Conclusion 

 For better or for worse, our landlords are changing. More institutional owners are buying 

rental properties and taking share away from many of the small investors with small inventories 

that used to represent the hallmark landlord. At the same time, more cities across the United 

States are becoming majority renters, which makes it even more important to understand what 

these new landlords imply for the housing stability of tenants. Housing instability encompasses 

multiple challenges, many of which are difficult to measure quantitatively. My thesis hopes to 

shed light on one factor contributing to the displacement of tenants: eviction filings. I find that in 

most property sizes, individual landlords are more likely to evict than corporate landlords are and 

that in-state corporates, specifically, evict at higher rates than out-of-state corporate landlords do. 

I also find that large investors, defined as those with more than 15 multi-family properties in 

Durham, are more likely to evict than small investors are. This research begins to shed a light on 

landlord characteristics related to eviction rates. However, there must be more investigation into 

other quantitative and qualitative factors contributing to housing instability in order to obtain a 

more complete picture for why tenants continue to be displaced. Similar analyses must be 

conducted in other cities to understand how the changing landscapes of ownership in the real-

estate market will continue to impact the renters of this nation in the future. 
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Appendix A: Corporate and Individual Transactions (6-Month Windows) 
Table A1: Eviction Likelihoods in All Properties 

		 Eviction	Rate	

Predictors	 Odds	Ratios	 CI	 P	-	Value	

(Intercept)	 0	 0.00	–	0.00	 <0.001	
Owner	Type:	Corporate	 0.25	 0.22	–	0.27	 <0.001	

Period:	Post	 1.06	 0.93	–	1.20	 0.403	
Year	=	2005	 0.91	 0.78	–	1.06	 0.228	
Year	=	2006	 1.13	 0.99	–	1.30	 0.073	

Year	=	2007	 0.73	 0.63	–	0.86	 <0.001	
Year	=	2008	 1.36	 1.16	–	1.59	 <0.001	
Year	=	2009	 1.18	 0.99	–	1.40	 0.061	

Year	=	2010	 0.48	 0.39	–	0.58	 <0.001	
Year	=	2011	 0.03	 0.01	–	0.05	 <0.001	
Year	=	2012	 0.54	 0.45	–	0.65	 <0.001	

Year	=	2013	 0.5	 0.41	–	0.62	 <0.001	
Year	=	2014	 0.35	 0.27	–	0.44	 <0.001	
Year	=	2015	 0.62	 0.51	–	0.75	 <0.001	

Year	=	2016	 0.75	 0.63	–	0.91	 0.003	
Year	=	2017	 0.56	 0.44	–	0.71	 <0.001	
Year	=	2018	 0.96	 0.80	–	1.16	 0.661	

%	African	American	 9.92	 8.28	–	11.89	 <0.001	
Average	House	Hold	Income	 1	 1.00	–	1.00	 0.015	
(Owner	Type:	Corporate)*(Period:	Post)	 1.05	 0.90	–	1.22	 0.569	

Observations	 27,111	     

Cox	&	Snell's	R2	/	Nagelkerke's	R2	 0.109	/	0.238	     
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Table A2: Eviction Likelihoods in Tiny Properties (2-4 Units) 

		 Eviction	Rate	
Predictors	 Odds	Ratios	 CI	 P	-	Value	

(Intercept)	 0.05	 0.03	–	0.07	 <0.001	

Owner	Type:	Corporate	 0.65	 0.50	–	0.84	 0.001	
Period:	Post	 0.92	 0.79	–	1.06	 0.249	
Year	=	2005	 0.95	 0.74	–	1.20	 0.647	

Year	=	2006	 0.92	 0.73	–	1.15	 0.447	
Year	=	2007	 0.68	 0.52	–	0.89	 0.004	
Year	=	2008	 1.2	 0.94	–	1.54	 0.147	

Year	=	2009	 1.1	 0.83	–	1.45	 0.513	
Year	=	2010	 0.28	 0.17	–	0.45	 <0.001	
Year	=	2011	 0.04	 0.01	–	0.18	 <0.001	

Year	=	2012	 0.04	 0.01	–	0.14	 <0.001	
Year	=	2013	 0.03	 0.01	–	0.10	 <0.001	
Year	=	2014	 0.09	 0.04	–	0.20	 <0.001	

Year	=	2015	 0.03	 0.01	–	0.11	 <0.001	
Year	=	2016	 0.09	 0.04	–	0.21	 <0.001	
Year	=	2017	 0.2	 0.10	–	0.39	 <0.001	

Year	=	2018	 0.25	 0.13	–	0.48	 <0.001	
%	African	American	 1.47	 1.05	–	2.04	 0.023	
Average	House	Hold	Income	 1.00	 1.00	–	1.00	 <0.001	

(Owner	Type:	Corporate)*(Period:	Post)	 0.73	 0.50	–	1.08	 0.114	

Observations	 16,307	     

Cox	&	Snell's	R2	/	Nagelkerke's	R2	 0.039	/	0.137	     
 
Table A3: Total # of Monthly Eviction Rate Observations for Tiny Property Transactions   

Period Owner Type Total # Of Observations 
Pre Individual 6427 
Pre Corporate 1809 
Post Individual 5789 
Post Corporate 2282 
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Table A4: Eviction Likelihoods in Medium & Small Properties (5-49 Units) 

		 Eviction	Rate	

Predictors	 Odds	Ratios	 CI	 P	-	Value	

(Intercept)	 0	 0.00	–	0.00	 <0.001	
Owner	Type:	Corporate	 0.61	 0.48	–	0.78	 <0.001	
Period:	Post	 1.13	 0.85	–	1.50	 0.409	

Year	=	2005	 0.6	 0.41	–	0.88	 0.009	
Year	=	2006	 1.17	 0.85	–	1.60	 0.329	
Year	=	2007	 0.79	 0.54	–	1.15	 0.222	

Year	=	2008	 0.87	 0.61	–	1.24	 0.445	
Year	=	2009	 0.46	 0.29	–	0.74	 0.001	
Year	=	2010	 0.22	 0.14	–	0.34	 <0.001	

Year	=	2011	 0	 0.00	–	Inf	 0.964	
Year	=	2012	 0.1	 0.04	–	0.26	 <0.001	
Year	=	2013	 0.16	 0.07	–	0.37	 <0.001	

Year	=	2014	 0.17	 0.08	–	0.37	 <0.001	
Year	=	2015	 0.18	 0.10	–	0.33	 <0.001	
Year	=	2016	 0.31	 0.15	–	0.63	 0.001	

Year	=	2017	 0	 0.00	–	Inf	 0.974	
Year	=	2018	 0.22	 0.10	–	0.46	 <0.001	
%	African	American	 7.17	 4.59	–	11.19	 <0.001	

Average	House	Hold	Income	 1	 1.00	–	1.00	 <0.001	
(Owner	Type:	Corporate)*(Period:	
Post)	 0.92	 0.64	–	1.34	 0.671	

Observations	 4,716	     

Cox	&	Snell's	R2	/	Nagelkerke's	R2	 0.120	/	0.278	     
Table A5: Total # of Monthly Eviction Rate Observations for Medium & Small Property 
Transactions  

Period Owner Type Total # Of Observations 
Pre Individual 1024 
Pre Corporate 1416 
Post Individual 825 
Post Corporate 1451 
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Table A6: Eviction Likelihoods in Largest Properties (50+ Units) 

		 Eviction	Rate	

Predictors	 Odds	Ratios	 CI	 P	-	Value	

(Intercept)	 0	 0.00	–	0.00	 <0.001	
Owner	Type:	Corporate	 2.02	 1.30	–	3.13	 0.002	
Period:	Post	 0	 0	-	0		 0.954	

Year	=	2005	 0.88	 0.70	–	1.10	 0.265	
Year	=	2006	 1.11	 0.89	–	1.38	 0.355	
Year	=	2007	 0.93	 0.73	–	1.18	 0.531	

Year	=	2008	 1.91	 1.48	–	2.46	 <0.001	
Year	=	2009	 1.66	 1.30	–	2.13	 <0.001	
Year	=	2010	 1	 0.77	–	1.31	 0.971	

Year	=	2011	 0.05	 0.02	–	0.11	 <0.001	
Year	=	2012	 1.04	 0.83	–	1.31	 0.71	
Year	=	2013	 0.98	 0.77	–	1.25	 0.868	

Year	=	2014	 0.69	 0.52	–	0.93	 0.014	
Year	=	2015	 1.21	 0.96	–	1.53	 0.103	
Year	=	2016	 1.46	 1.16	–	1.84	 0.001	

Year	=	2017	 1.33	 1.01	–	1.75	 0.04	
Year	=	2018	 1.67	 1.33	–	2.11	 <0.001	
%	African	American	 6.6	 5.05	–	8.63	 <0.001	

Average	House	Hold	Income	 1	 1.00	–	1.00	 <0.001	
(Owner	Type:	Corporate)*(Period:	
Post)	 Inf	 Inf	 0.954	

Observations	 6,088	     

Cox	&	Snell's	R2	/	Nagelkerke's	R2	 0.095	/	0.160	     
 
Table A7: Total # of Monthly Eviction Rate Observations for Large Property Transactions 

Period Owner Type Total # Of Observations 
Pre Individual 224 
Pre Corporate 2858 
Post Individual 70 
Post Corporate 2936 
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Table A8: Eviction Likelihoods Without LLC, LP or LLPs Considered (Robustness Check) 

		 Eviction	Rate	

Predictors	 Odds	Ratios	 CI	 P	-	Value	

(Intercept)	 0	 0.00	–	0.00	 <0.001	
Owner	Type:	Corporate	 0.25	 0.22	–	0.28	 <0.001	
Period:	Post	 1.05	 0.92	–	1.20	 0.448	

Year	=	2005	 0.76	 0.64	–	0.90	 0.001	
Year	=	2006	 0.99	 0.85	–	1.16	 0.908	
Year	=	2007	 0.56	 0.47	–	0.67	 <0.001	

Year	=	2008	 1.1	 0.92	–	1.31	 0.276	
Year	=	2009	 1.03	 0.86	–	1.24	 0.767	
Year	=	2010	 0.41	 0.33	–	0.51	 <0.001	

Year	=	2011	 0.03	 0.02	–	0.06	 <0.001	
Year	=	2012	 0.48	 0.39	–	0.59	 <0.001	
Year	=	2013	 0.44	 0.35	–	0.57	 <0.001	

Year	=	2014	 0.3	 0.23	–	0.40	 <0.001	
Year	=	2015	 0.56	 0.45	–	0.70	 <0.001	
Year	=	2016	 0.6	 0.49	–	0.75	 <0.001	

Year	=	2017	 0.46	 0.35	–	0.60	 <0.001	
Year	=	2018	 0.62	 0.48	–	0.80	 <0.001	
%	African	American	 11.92	 9.67	–	14.70	 <0.001	

Average	House	Hold	Income	 1	 1.00	–	1.00	 0.238	
(Owner	Type:	Corporate)*(Period:	
Post)	 1.02	 0.87	–	1.21	 0.773	

Observations	 20,709	     

Cox	&	Snell's	R2	/	Nagelkerke's	R2	 0.123	/	0.265	     
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Appendix B: Out-of-State and In-State Corporate Transactions (6-Month 
Window) 
 
Table B1: Eviction Likelihoods in All Properties 

		 Eviction	Rate	

Predictors	 Odds	Ratios	 CI	 P	-	Value	

(Intercept)	 0	 0.00	–	0.00	 <0.001	
Owner	Type:	Out-Of-State	 0.58	 0.52	–	0.66	 <0.001	

Period:	Post	 0.97	 0.83	–	1.12	 0.646	
Year	=	2005	 0.89	 0.73	–	1.08	 0.25	
Year	=	2006	 1.13	 0.94	–	1.36	 0.211	

Year	=	2007	 0.97	 0.79	–	1.18	 0.736	
Year	=	2008	 2.09	 1.70	–	2.58	 <0.001	
Year	=	2009	 1.55	 1.25	–	1.93	 <0.001	

Year	=	2010	 0.86	 0.68	–	1.09	 0.202	
Year	=	2011	 0.04	 0.02	–	0.08	 <0.001	
Year	=	2012	 0.74	 0.60	–	0.92	 0.007	

Year	=	2013	 0.76	 0.61	–	0.96	 0.019	
Year	=	2014	 0.55	 0.42	–	0.72	 <0.001	
Year	=	2015	 0.97	 0.79	–	1.21	 0.812	

Year	=	2016	 1.17	 0.95	–	1.44	 0.147	
Year	=	2017	 0.96	 0.74	–	1.25	 0.778	
Year	=	2018	 1.34	 1.09	–	1.66	 0.006	

%	African	American	 8.63	 6.80	–	10.95	 <0.001	
Average	House	Hold	Income	 1	 1.00	–	1.00	 <0.001	
(Owner	Type:	Out-of-State)*(Period:	
Post)	 1.21	 1.01	–	1.45	 0.042	

Observations	 12,752	     

Cox	&	Snell's	R2	/	Nagelkerke's	R2	 0.065	/	0.133	     
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Table B2: Eviction Likelihoods in Tiny Properties (2-4 Units) 

		 Eviction	Rate	

Predictors	 Odds	Ratios	 CI	 P	-	Value	

(Intercept)	 0	 0.00	–	0.02	 <0.001	
Owner	Type:	Out-of-State	 2.09	 1.14	–	3.84	 0.018	
Period:	Post	 0.75	 0.50	–	1.13	 0.171	

Year	=	2005	 41.36	 5.65	–	302.53	 <0.001	
Year	=	2006	 7.14	 0.91	–	55.96	 0.061	
Year	=	2007	 11.21	 1.43	–	87.97	 0.021	

Year	=	2008	 33.33	 4.48	–	247.76	 0.001	
Year	=	2009	 22.28	 2.93	–	169.47	 0.003	
Year	=	2010	 13.3	 1.59	–	111.60	 0.017	

Year	=	2011	 0	 0.00	–	Inf	 0.99	
Year	=	2012	 6.4	 0.57	–	71.82	 0.132	
Year	=	2013	 0	 0.00	–	Inf	 0.983	

Year	=	2014	 0.91	 0.06	–	14.64	 0.947	
Year	=	2015	 0	 0.00	–	Inf	 0.987	
Year	=	2016	 2.03	 0.18	–	22.42	 0.565	

Year	=	2017	 1.84	 0.11	–	29.75	 0.667	
Year	=	2018	 2.68	 0.24	–	29.81	 0.423	
%	African	American	 0.3	 0.11	–	0.78	 0.013	

Average	House	Hold	Income	 1	 1.00	–	1.00	 0.538	
(Owner	Type:	Out-of-State)*(Period:	Post)	 0.08	 0.01	–	0.60	 0.014	

Observations	 4,091	     

Cox	&	Snell's	R2	/	Nagelkerke's	R2	 0.050	/	0.238	     
 
Table B3: Total # of Monthly Eviction Rate Observations for Large Property Transactions 

Period Owner Type Total # Of Observations 
Pre In-State 1,627 
Pre Out-of-State 182 
Post In-State 1981 
Post Out-of-State 301 
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Table B4: Eviction Likelihoods in Small and Medium Properties (5-49 Units) 

		 Eviction	Rate	

Predictors	 Odds	Ratios	 CI	 P	-	Value	

(Intercept)	 0	 0.00	–	0.01	 <0.001	
Owner	Type:	Out-of-State	 0.60	 0.41	–	0.88	 0.008	
Period:	Post	 1.13	 0.85	–	1.52	 0.4	

Year	=	2005	 0.12	 0.06	–	0.24	 <0.001	
Year	=	2006	 0.54	 0.37	–	0.79	 0.001	
Year	=	2007	 0.51	 0.33	–	0.78	 0.002	

Year	=	2008	 0.3	 0.19	–	0.47	 <0.001	
Year	=	2009	 0.19	 0.10	–	0.36	 <0.001	
Year	=	2010	 0.18	 0.10	–	0.31	 <0.001	

Year	=	2011	 0	 0.00	–	Inf	 0.972	
Year	=	2012	 0.07	 0.03	–	0.19	 <0.001	
Year	=	2013	 0.05	 0.01	–	0.22	 <0.001	

Year	=	2014	 0.11	 0.05	–	0.24	 <0.001	
Year	=	2015	 0.11	 0.06	–	0.21	 <0.001	
Year	=	2016	 0.16	 0.07	–	0.34	 <0.001	

Year	=	2017	 0	 0.00	–	Inf	 0.975	
Year	=	2018	 0.13	 0.06	–	0.30	 <0.001	
%	African	American	 4.49	 2.43	–	8.30	 <0.001	

Average	House	Hold	Income	 1	 1.00	–	1.00	 <0.001	
(Owner	Type:	Out-of-State)*(Period:	Post)	 1	 0.60	–	1.69	 0.988	

Observations	 2,867	     

Cox	&	Snell's	R2	/	Nagelkerke's	R2	 0.119	/	0.281	     
 
Table B5: Total # of Monthly Eviction Rate Observations for Medium and Small Property 
Transactions 

Period Owner Type Total # Of Observations 
Pre In-State 947 
Pre Out-of-State 469 
Post In-State 893 
Post Out-of-State 558 
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Table B6: Eviction Likelihoods in Largest Properties (50+ Units) 

		 Eviction	Rate	

Predictors	 Odds	Ratios	 CI	 P	-	Value	

(Intercept)	 0	 0.00	–	0.00	 <0.001	
Owner	Type:	Out-of-State	 0.83	 0.71	–	0.97	 0.018	
Period:	Post	 0.98	 0.80	–	1.19	 0.813	

Year	=	2005	 0.88	 0.70	–	1.10	 0.267	
Year	=	2006	 1.09	 0.87	–	1.36	 0.443	
Year	=	2007	 0.93	 0.73	–	1.18	 0.54	

Year	=	2008	 2	 1.55	–	2.59	 <0.001	
Year	=	2009	 1.7	 1.33	–	2.19	 <0.001	
Year	=	2010	 1.05	 0.81	–	1.37	 0.7	

Year	=	2011	 0.05	 0.03	–	0.11	 <0.001	
Year	=	2012	 0.94	 0.75	–	1.19	 0.632	
Year	=	2013	 0.98	 0.76	–	1.25	 0.853	

Year	=	2014	 0.7	 0.52	–	0.93	 0.015	
Year	=	2015	 1.22	 0.96	–	1.54	 0.097	
Year	=	2016	 1.47	 1.17	–	1.86	 0.001	

Year	=	2017	 1.36	 1.03	–	1.79	 0.032	
Year	=	2018	 1.67	 1.32	–	2.10	 <0.001	
%	African	American	 5.99	 4.56	–	7.87	 <0.001	

Average	House	Hold	Income	 1	 1.00	–	1.00	 <0.001	
(Owner	Type:	Out-of-State)*(Period:	Post)	 1.2	 0.96	–	1.51	 0.117	

Observations	 5,794	     

Cox	&	Snell's	R2	/	Nagelkerke's	R2	 0.088	/	0.146	     
 
Table B7: Total # of Monthly Eviction Rate Observations for Large Property Transactions 

Period Owner Type Total # Of Observations 
Pre In-State 888 
Pre Out-of-State 1,970 
Post In-State 646 
Post Out-of-State 2,290 

  



 56 

Appendix C: Large and Small Investor Transactions (6-Month Window) 
 
Table C1: Eviction Likelihoods Across All Properties 

		 Eviction	Rate	

Predictors	 Odds	Ratios	 CI	 P	-	Value	

(Intercept)	 0	 0.00	–	0.00	 <0.001	
Owner	Type:	Large	 3.06	 2.48	–	3.77	 <0.001	
Period:	Post	 1.05	 0.97	–	1.12	 0.222	

Year	=	2005	 0.85	 0.73	–	0.98	 0.03	
Year	=	2006	 1.11	 0.97	–	1.28	 0.127	
Year	=	2007	 0.7	 0.60	–	0.82	 <0.001	

Year	=	2008	 1.71	 1.46	–	2.00	 <0.001	
Year	=	2009	 1.13	 0.95	–	1.34	 0.171	
Year	=	2010	 0.4	 0.33	–	0.49	 <0.001	

Year	=	2011	 0.02	 0.01	–	0.04	 <0.001	
Year	=	2012	 0.49	 0.41	–	0.59	 <0.001	
Year	=	2013	 0.45	 0.37	–	0.55	 <0.001	

Year	=	2014	 0.29	 0.23	–	0.37	 <0.001	
Year	=	2015	 0.51	 0.42	–	0.61	 <0.001	
Year	=	2016	 0.65	 0.54	–	0.78	 <0.001	

Year	=	2017	 0.48	 0.38	–	0.60	 <0.001	
Year	=	2018	 0.71	 0.59	–	0.85	 <0.001	
%	African	American	 16.76	 13.95	–	20.13	 <0.001	

Average	House	Hold	Income	 1	 1.00	–	1.00	 <0.001	
(Owner	Type:	Large)*(Period:	Post)	 0.77	 0.56	–	1.04	 0.092	

Observations	 27,111	     

Cox	&	Snell's	R2	/	Nagelkerke's	R2	 0.083	/	0.180	     
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